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K Historical Overview
East and West Germany were separate countries before 1990. There was virtually no movement
of workers between the two regions, and the border was tightly controlled. This separation
gave rise to two distinct economic systems. While West Germany was a market economy, the
economy in East Germany (then called the German Democratic Republic, GDR) was planned.

The German reunification completely removed the East German institutions of the planned
economy and replaced them with West German ones. Starting on July 1, 1990, the two Ger-
manys started a full monetary, economic, and social union, and introduced the regulations
and institutions of a market economy to the GDR. These included for example the West
German commercial code and federal taxation rules, as well as a reform of the labor market
which imposed Western-style institutions (Leiby (1999)). At the same time, the West German
Deutschmark (DM) became the legal currency of both halves of Germany. Wages and salaries
were converted from Ostmark into DM at a rate of one-to-one, as were savings up to 400DM.
While the currency reform implied an East German wage level of about 1/3 the West German
level, in line with productivity, the switch meant that East German firms lost export markets
in Eastern Europe, since customers there could not pay in Western currency. Additionally, East
German customers switched to Western products, which were of much higher quality than East
German ones (Smolny (2009)). West German unions negotiated sharp wage increases in many
East German industries, which were not in line with productivity gains but driven by a desire to
harmonize living conditions across the country (Burda and Hunt (2001), Smolny (2009)). As a
consequence, East German unit labor costs rose sharply, and output and employment collapsed
(Burda and Hunt (2001)). This trend was further exacerbated by the break-up and transfer of
unproductive East German conglomerates to private owners, who usually downsized or closed
plants.50 These factors slowed down the convergence of East and West Germany in the early
years after reunification.

L Growth Accounting
Figure S1 below shows that West German GDP per capita in real terms (adjusted for cost of
living di�erences as in the main text) is still around 40% larger than in the East. We perform

50This transfer was done via the Treuhandanstalt, a public trust, which was set up by the West German
government to manage and ultimately sell the GDR’s public companies. West Germans were initially slow to
invest into East German firms. Eventually, most firms were sold at very steep discounts to the highest bidder,
usually West German firms, which were often motivated by subsidies and had little interest in keeping their
acquisitions alive (Leiby (1999)).
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a standard accounting exercise to decompose this GDP gap into its di�erent components. We
follow the literature and assume an aggregate Cobb-Douglas production function, with elastic-
ities to labor and capital equal to 1 ≠ – and –, respectively. We set, as usual, – equal to 1

3 .
Aggregate GDP in the East and the West, respectively, in year t are therefore given by

YE,t = AE,tK
–
E,tL

1≠–
E,t

YW,t = AW,tK
–
W,tL

1≠–
W,t ,

where we obtain from the Volkswirtschaftliche Gesamtrechnungen der Länder (VGRdL), for
each year and separately for East and West Germany, capital K and GDP Y , and similarly we
obtain from the Federal Employment Agency the total number of employed, L.51 We can then
use the previous formula to compute the implied total factor productivity term, A. We rewrite
the previous equations in per capita terms, that is

yE,t = AE,tk
–
E,tl

1≠–
E,t

yW,t = AW,tk
–
W,tl

1≠–
W,t ,

where y © Y
N , k © K

N , l © L
N and N is total population, also provided by the VGRdL. Last, we

decompose the percentage di�erence in GDP per capita between West and East into its three
components, that is

log yW,t ≠ log yE,t¸ ˚˙ ˝
GDP p.c. gap

= log AW,t ≠ log AE,t¸ ˚˙ ˝
TFP gap

+ – (log kW,t ≠ log kE,t)¸ ˚˙ ˝
Capital p.c. gap

+ (1 ≠ –) (log lW,t ≠ log lE,t)¸ ˚˙ ˝
Workers p.c. gap

.

In Figure S2 we plot the GDP per capita gap (top left) along with each of the three gap
components from the previous equation over time (other panels). If a gap component does
not explain the overall GDP per capita gap, it will be close to zero. We find that the initial
convergence in GDP per capita is both due to a convergence in capital per capita and in TFP.
Both of these components start significantly above zero and then rapidly decline. However,
virtually all of the current gap between East and West Germany is due to a lower level of TFP
in East, as the capital gap is virtually zero by 2015. This result aligns with the better firm
component of West German firms we find in our AKM decomposition in the main text, and
hence the higher productivity we assign to West German firms in the model.

51We compute all statistics excluding Berlin to be consistent with the main text.
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Figure S1: Real GDP per Capita
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Sources: Volkswirtschaftliche Gesamtrechnungen der Lan̈der (VGRdL), BBSR. Notes: Excluding Berlin. Real GDP in 2010 prices
is obtained from the VGRdL and divided by total population, then adjusted by the cost of living di�erence in 2007 from the BBSR.
The cost of living indices for East and West are constructed as population-weighted averages across the prices of the corresponding
micro regions in the BBSR. Figure is normalized so that East Germany in 2010 = 1.

Figure S2: Decomposition of the Real GDP per Capita Gap
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Sources: Volkswirtschaftliche Gesamtrechnungen der Länder (VGRdL), BBSR, Bundesagentur für Arbeit. Notes: Excluding Berlin.
Top left panel shows the log real GDP per capita gap between East and West Germany. Real GDP in 2010 is obtained from VGRdL
and divided by total population, then adjusted by the cost of living di�erence in 2007 from the BBSR. The cost of living indices for
East and West are constructed as population-weighted averages across the prices of the corresponding micro regions in the BBSR.
Top right panel shows log real GDP per capita gap together with the log TFP gap, where the TFP gap is calculated as described in
the text. Bottom left panel shows log real GDP per capita gap together with the log gap in the real capital stock. Real capital stock
is obtained as total net capital stock from VGRdL, deflated with the capital deflator, and adjusted for the cost of living di�erence
in 2007 from the BBSR. Bottom right panel shows the log real GDP per capita gap together with the gap in the number of workers
per capita, where workers per capita are calculated as all civilian dependent workers from the Bundesagentur für Arbeit divided by
the total population from the VGRdL.
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M Additional Results on the Wage Gap
We provide several robustness checks to show that the large East-West wage gap is not driven
by outliers or compositional issues. We then show that there are also no systematic di�erences
in tax rates. We also provide additional details on the joint distribution of wages and firm
size within each region and show that large wage heterogeneity exists even within individual
counties.

Figure S3 depicts the CDF of average real wages across German counties. Each dot is a
county, ranked by average real wage, where the steepness of the CDF is determined by the share
of each region’s population captured by the county. Eighty percent of people in West Germany
live in a county with an average wage higher than the highest wage county in East Germany
(marked by the red dashed line). Thus, the wage gap is not driven by a few high-wage counties
in West German metropolitan areas; rather, figure S3 shows that there is a systematic shift in
the wage distribution.

We next examine education, industry and gender di�erences between regions. Figure S4a
plots the CDF of the share of workers with a college degree by county. Average college attainment
is more homogeneous in the East than the West, but both regions have similar maximum levels
of education in their top counties. Figure S4b illustrates that wages are lower in the East at
every education level.

Figure S5a portrays the average wage in each industry in the East (x-axis) plotted against
the average wage in each industry in the West (y-axis). Almost all of the industries lie above
the 45 degree line indicating nearly uniformly higher wages in the West. Figure S5b shows that
industries straddle the 45 degree line when plotting the percent of college educated workers in
the East (x-axis) and the West (y-axis), and thus there is no systematic education di�erence
within industries.

Figure S6 plots each county’s average wage (y-axis) against the share of male workers (x-
axis). There is a slight positive correlation between the counties with a higher percentage of male
workers and higher average wages. Most of the Western counties have higher male proportions
and also higher wages. However, as shown in the main text, controlling for education, age,
gender, and industries in regression (1) explains only a small part of the overall wage gap.

Table S1 displays the results from running regression (1) without weighting by firm size. As
expected, the wage gap is slightly smaller when we do not give more weight to larger firms, which
tend to pay higher wages. However, the results remain somewhat similar to before. Adding the
controls does not reduce the wage gap.

Figure S7 shows that there is a large East-West gap in average unemployment between 2009
and 2014. The level of unemployment in East Germany is about 5 percentage points higher
than in the West, although there is some heterogeneity across counties.

We next discuss whether there are significant di�erences in tax rates between East and West
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Germany. For example, if income tax rates in the East were lower, then the after-tax income
gap between East and West could be smaller than our results suggest. However, we do not find
systematic tax di�erences, as we show next.

First, the income tax and the value-added tax are the same anywhere in Germany.52 Simi-
larly, the corporate tax rate is the same.53

Second, all companies are subject to a business tax that is levied at the level of the individual
community. The tax consists of the product of i) the business income, ii) a base rate, and iii)
a leverage ratio. The business income is computed in the same way across Germany, and the
base rate is 3.5% everywhere. The leverage ratio varies across communities. Figure S8a shows
these leverage ratios and highlights that there are no systematic di�erences between East and
West.

Third, the government collects taxes on behalf of the church. This church tax is higher in
the South than in the North of Germany, but does not vary between East and West (Figure
S8b).

Finally, property taxes are relatively low in Germany, accounting for about 0.44% of GDP
in 2010, significantly lower than in most of the EU (Paetzold and Tiefenbacher (2018)). There
are two types of property tax, Property Tax A (for agricultural properties) and Property Tax
B (for everything else). The latter accounts for the vast majority of tax receipts from this
income source. The property tax is calculated as the product of i) the property’s “rateable
value”, ii) a base rate, and iii) a leverage ratio.54 The rateable value is determined by a federal
law on valuations. For West Germany, it is determined by a land census in 1964, while, due
to the division of Germany, the rateable value for property in East Germany is mostly still
based on the census from 1935. The base rate depends on the type of building, with di�erent
rates for example for residential property and agricultural property. It also di�ers across East
and West Germany, with East Germany having on average higher base rates for similar types of
properties. Finally, the leverage ratio is determined at the level of the individual community. We
present the leverage ratios for the two types of property tax in Figures S9a and S9b, displayed
in percent (e.g., 180 means a collection rate of 180%). While there are significant di�erences
in ratios across communities, the ratios are not systematically di�erent between East and West
Germany.

We next turn to the within-region wage distributions. Figure S10 provides some additional
information about the wage and firm size distributions within East and West Germany. As
in the main text, we remove variation due to observables that is not present in our model by

52see http://www.buzer.de/gesetz/4499/index.htm and https://www.export.gov/article?id=Germany-VAT.
53https://europa.eu/youreurope/business/taxation/business-tax/company-tax-eu/germany/index_en.htm
54See Bird and Slack (2002).

5



performing, for both East and West Germany, the following regression

ln(yjrt) = BrXjrt + “t + ‘jrt, (58)

where yjrt is either the number of full-time workers of firm j in region r (either East or West
Germany) in year t or their average wage, and “t are year fixed e�ects. The controls Xjrt

are 3-digit time-consistent industry dummies based on Eberle, Jacobebbinghaus, Ludsteck, and
Witter (2011) (WZ93 classification). We obtain from these two regressions residuals for the log
real wage, ‘̂

wage
jrt , and for the log number of workers, ‘̂

size
jrt . We add back the mean of each variable

in each area, ln(ywage
jrt ) and ln(ysize

jrt ), to obtain a cleaned real wage, ŷ
wage
jrt = exp[ln(ywage

jrt )+ ‘̂
wage
jrt ]

and a cleaned number of workers, ŷ
size
jrt = exp[ln(ysize

jrt ) + ‘̂
size
jrt ] for each firm. We then generate

twentiles of the cleaned wages and firm sizes, and compute the joint distribution of cleaned wage
and size across all firms and years in our core sample period.

The top left panel of Figure S10 shows the density of the cleaned real wage in East and West
Germany. The figure shows that the wage distribution in the West is basically the East German
wage distribution shifted to the right. The top right panel shows the density of the cleaned
firm size variable, and it shows that the size distributions essentially lie on top of each other.
There is a slightly longer right tail of very large firms in West Germany, which could be the
result of more large firms having their headquarters in the West. The bottom left panel presents
cuts of the joint distribution of wage and size by plotting the density of the wage distribution
at di�erent percentiles of wages, for “small” firms (all firms up to the 15th percentile of the
size distribution), “medium” firms (all firms between the 45th and 55th percentile), and “large”
firms (above the 85th percentile), in both East and West Germany. The bottom right panel
plots the cleaned wage against the cleaned size. We see that the relationship in West Germany
is a parallel shift of the relationship in the East, with West German firms paying a higher wage
at each firm size.

We next re-run equation (58), but include in the controls Xjrt not only industry dummies but
also county fixed e�ects, the share of male full-time workers, the share of young full-time workers
(of age less than 30 years old), and the share of full-time workers of medium age (30-49 years old).
The controls also include the share of full-time workers of low qualification (individuals with a
lower secondary, intermediate secondary, or upper secondary school leaving certificate but no
vocational qualifications) and the share of full-time workers of medium qualification (individuals
with a lower secondary, intermediate secondary, or upper secondary school leaving certificate
and a vocational qualification). The resulting cleaned wages thus capture within-county, within-
industry variation that is cleaned of some observable characteristics of the workforce. We
generate deciles for the cleaned wages similarly to before and plot the resulting densities in East
and West Germany in Figure S11. Despite the rich set of controls, we still find substantial wage
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heterogeneity across firms, even within county and industry.

Figure S3: Cumulative Distribution Functions of Real Wages in East and West
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Source: BHP. Note: The figure shows the CDF of real wages across East and West German counties. Each dot is a county, where the
steepness of the CDF is determined by the share of each region’s full-time workers captured by the next county. Each county-level
average wage is computed as a weighted average real wage across all firms in that county, using the number of full-time workers as
weight. The red-dashed line shows the average real wage of the highest-paying county in East Germany.

7



Figure S4: Population and Real Wage by Education

(a) Share of Highly-Skilled Workers by County
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(b) Real Wage by Highly-Skilled Share Across Coun-
ties
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Source: BHP. Note: The left figure shows the CDF of the share of workers with a college degree in each county, where this share
is calculated as the number of full-time workers with high qualification (az_hq_vz) divided by all full-time workers. Each dot is a
county, where the steepness of the CDF is determined by the share of each region’s full-time workers captured by the next county.
The red-dashed line shows the maximum of the average share of high-skilled in East Germany. The right figure plots the share of
college educated in each county against the average real wage of the county. The size of each dot is determined by the number of
full-time workers in each county. Each county-level average wage is computed as a weighted average real wage across all firms in
that county, using the number of full-time workers as weight.
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Figure S5: Real Wage and Population by Industry

(a) Real Wage Gap by Industry
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(b) Share of College-Educated by Industry in East vs.
West
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Source: BHP. Note: The left figure plots the average real wage in East Germany against the average real wage in West Germany at
the industry-level. Each industry is a 3-digit WZ93 code, using the concordance by Eberle, Jacobebbinghaus, Ludsteck, and Witter
(2011). Each industry-level average wage is computed as a weighted average real wage across all firms in that industry, using the
number of full-time workers as weight. The right figure plots the share of college-educated workers in East Germany against the
share of college-educated in West Germany at the industry-level, where the share of college-educated is calculated as the number
of high-skilled full-time workers (az_hq_vz) divided by all full-time workers. The size of each dot is determined by the number of
full-time workers in each industry.

Figure S6: Real Wage by Share of Males Across Counties
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Source: BHP. Notes: The figure plots the share of full-time workers that are male in each county against the average real wage of
the county. The average real wage in each county is computed as a weighted average over all firms in the county, using the number
of full-time workers as weight. The size of each dot is determined by the number of full-time workers in each county.
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Table S1: E�ect of Region on Real Wage (Unweighted Estimates)

Dep var.: log(w̄jt) (1) (2) (3) (4)

Ij,East ≠.1600úúú ≠.1876úúú ≠.1942úúú ≠.1743úúú

(.0013) (.0012) (.0011) (.0010)

Year FE Y Y Y Y

Gender & Education ≠ Y Y Y

Age & Firm Size ≠ ≠ Y Y

Industry FE ≠ ≠ ≠ Y

Observations 4, 797, 798 4, 741, 107 4, 725, 435 4, 725, 210

Source: BHP and authors’ calculations. Notes: The table presents the estimates on the East Germany dummy from specification
(1) for the period 2009-2014. ú, úú, and ú ú ú indicate significance at the 90th, 95th, and 99th percent level, respectively. Standard
errors are clustered at the firm-level.

Figure S7: Unemployment

Source: Bundesagentur für Arbeit. Notes: the figure shows the average unemployment rate for each county in 2009-2014. Former
East-West border is drawn in black for clarification. We exclude Berlin since we cannot assign it unambiguously to “East” or
“West”.
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Figure S8: Business Tax and Church Tax

(a) Business Tax (b) Church Tax

Source: Statistical o�ces of the Federal States. Notes: The left panel plots the leverage ratio (Hebesatz) of the business tax rate
(Gewerbesteuer) in each community in Germany in 2012, where a deeper shade of red indicates a higher leverage ratio. We omit
Berlin since it is excluded from all of our analyses. The right panel shows the church tax (Kirchensteuer) in each county in Germany
in 2010.
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Figure S9: Leverage Ratios for Property Taxes

(a) Property Tax A (b) Property Tax B

Source: Statistical o�ces of the Federal States. Notes: The left panel plots the leverage ratio (Hebesatz) of the property tax A
(for agricultural properties) in each community in Germany in 2012, where a deeper shade of red indicates a higher leverage ratio.
We omit Berlin since it is excluded from all of our analyses. The right panel shows the leverage ratio for property tax B (for
non-agricultural properties).
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Figure S10: Firm Wage and Size Distributions in East and West
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Source: BHP. Notes: The figure plots the joint distribution of firm size and wage in East and in West Germany. Both size and wage
are residualized by regressing the log number of full-time workers and log real wage on 3-digit industry dummies and time dummies,
for East and West Germany separately. We then generate the cleaned wage as the residuals from this regression plus the mean of
the log wage in the given region. We perform a similar exercise for size. The top left panel shows the resulting wage distributions
in East and in West Germany. The top right panel presents the size distributions. The bottom left panel presents cuts of the joint
distribution by plotting the density of the wage distribution at di�erent percentiles of wages, for “small” firms (all firms up to the
15th percentile of the size distribution), “medium” firms (all firms between the 45th and 55th percentile), and “large” firms (above
the 85th percentile). The bottom right panel shows the firm size plotted against the wage.
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Figure S11: Firm Wage Distributions within County and Industry
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Source: BHP. Notes: The figure plots the densities of firm wages in East and in West Germany. The wage densities are residualized
by regressing, for East and West Germany separately, the log real wage on 3-digit industry dummies, time dummies, county dummies,
the share of male full-time workers, the share of young full-time workers (of age less than 30 years old), and the share of full-time
workers of medium age (30-49 years old). The controls also include the share of full-time workers of low qualification (individuals with
a lower secondary, intermediate secondary, or upper secondary school leaving certificate but no vocational qualifications) and the
share of full-time workers of medium qualification (individuals with a lower secondary, intermediate secondary, or upper secondary
school leaving certificate and a vocational qualification). We then generate the cleaned wage as the residuals from this regression
plus the mean of the log wage in the given region. We obtain the deciles of the cleaned wage distribution, obtain the average wage
in each decile, and transform the distribution into a density.
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N Additional Results on Wage Gains for Job Movers
Table S2 shows the estimated coe�cients for our baseline specification (2). These coe�cients
are used to generate Figures 3a-3d in the main text. As discussed, we find a large wage increase
for migrants in the year after the move. For commuters, we find a smaller but still significant
wage gain for moving across regions.

Table S3 shows the results from a similar regression where we include individual fixed e�ects
instead of male, college, and home region dummies. The wage gains are slightly smaller but
very similar.

We next analyze an alternative specification where instead of dropping wages in year t we
allocate these wages to years t≠1 and t+1. Specifically, if an observation in year t is associated
with a job move, we compute the weighted average wage in year t ≠ 1 as an average over the
wages in year t ≠ 1 and the wages in year t prior to the job move, using the length of each job
spell as weight. We similarly compute the weighted average wage in t + 1 as an average over
the wages in year t + 1 and the wages in year t after the job move. If the observation in year
t is not associated with a job move, we compute the weighted average wage in year t ≠ 1 as
an average over the wages in t ≠ 1 and the wages until June of year t. Similarly, we compute
the weighted average wage in t + 1 as an average over the wages in year t + 1 and the wages
in year t after June. We then re-run regression (2) for · œ {t ≠ 3, ..., t ≠ 1, t + 1, t + 5} with
this definition. We sum up the estimated coe�cients —

W est
s,· and —

East
s,· starting in at · = ≠3

to obtain for each period · the sum q·
u=≠3 —

i
s,u, where i œ {West, East}, and subtract from

this sum the term q≠1
u=≠3 —

i
s,u to normalize the coe�cients with respect to period · = ≠1. The

resulting coe�cients are plotted in Figures S12a-S12d, as in the main text. The wage gains are
very similar to the main specification.

We next perform robustness checks to our baseline specification (2), where we focus on the
wage change on impact by running

� log(wit) =
ÿ

sœS

—
W est
s d

s
it(1 ≠ I

East
i ) +

ÿ

sœS

—
East
s d

s
itI

East
i + BXit + ‘it, (59)

where � log(wit) is the log change between the weighted average wage in year t + 1 after the
move, where each wage is weighted by the length of its job spell, and the wage in the current
job. As in the main text, d

s
it is a dummy for a job move of type s œ S, containing the six

possible types of moves: i) from East to West via migration or ii) commuting; iii) from West
to East via migration or iv) commuting, v) within-East, and vi) within-West, and I

East
i equals

1 if individual i’s home region is East Germany. As in the main text, the controls Xit include
dummies for the current work region, home region, and their interaction, distance dummies
since moves further away could lead to higher wage gains, the total number of past job-to-job
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switches, age controls, and year fixed e�ects. We present here the coe�cients on the migration
and commuting moves, which show the wage gains relative to stayers.

Column 1 of Table S4 shows the estimates from the baseline specification (59), where the
superscripts indicate the direction of the move (East-West or West-East) and whether the move
was migration (m) or commuting (c). Across the board, a migratory move incurs a larger wage
gain than a commuting move. Migration moves of East Germans to the West are associated
with very large wage gains, while return moves to the East only lead to a small wage increase,
consistent with a home preference. In Column 2 we additionally control for the number of
months passed between the previous job and the new job, and in Column 3 we consider only
job-to-job moves where the time gap between jobs is less than two months to exclude workers
that are out of the labor force between jobs. The results are preserved under these more stringent
specifications, though the wage gains are smaller. In Columns 4-6 we return to our baseline
setup but reclassify some moves that were previously classified as commuting as migration.
Specifically, in Column 4 we add to migration those moves where the worker changes jobs
between East and West Germany and the worker’s distance to her residence increases, as long
as the distance between work and residence is less than 200km for both jobs. We impose this
threshold since a distance greater than 200km between residence and work likely indicates that
the residence is misreported. In Column 5, we further broaden this definition and increase the
threshold between work and residence from 200km to 350km. Finally, in Column 6, we define
all job moves between East and West as migration (hence, there is no commuting). While wage
gains from migration become smaller as we broaden the definition of migration, the overall
pattern survives. In all specifications, East Germans moving to the West realize the largest
wage gain out of any East-West-home combination. Additionally, with migratory moves, people
moving back home to the East experience the lowest wage gains, if they experience any at all.

In table S5 we apply our baseline regression (59) to certain demographic groups. For every
East-West-home move combination, men (Column 1) realize smaller wage gains from migration
than women (Column 2). Workers with a college degree (Column 3) realize a larger wage gain
than those without one (Column 4). In terms of age, older workers born before 1965 (Column
7) see the lowest wage gains when moving and younger workers born after 1975 (Column 5)
witness the largest wage gains. The overall pattern of the results is similar across all groups.
Moving away from home generates larger wage gains than returning home.
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Table S2: Wage Gains of Job-to-Job Moves (No Individual FE)

Dep var.: Period ·

log(�wi· ) t-3 t-2 t-1 t+1 t+2 t+3 t+4

dEW,m
it (IE

i = 0) .0052 ≠.0040 ≠.0305úúú .1698úúú ≠.0160úú .0066 ≠.0036

(.0107) (.0099) (.0097) (.0126) (.0071) (.0073) (.0081)

dW E,m
it (IE

i = 0) .0023 ≠.0072 ≠.0273úúú .1734úúú .0051 ≠.0015 .0079

(.0088) (.0086) (.0084) (.0129) (.0059) (.0064) (.0064)

dEW,m
it (IE

i = 1) ≠.0163úúú ≠.0335úúú ≠.0468úúú .3400úúú .0096úúú ≠.0008 .0033

(.0052) (.0057) (.0052) (.0081) (.0031) (.0033) (.0036)

dW E,m
it (IE

i = 1) .0038 ≠.0039 ≠.0015 .0125 ≠.0057 ≠.0095úú ≠.0023

(.0066) (.0072) (.0067) (.0085) (.0042) (.0045) (.0050)

dEW,c
it (IE

i = 0) ≠.0088úú ≠.0166úúú ≠.0138úúú .0721úúú ≠.0044 .0048 .0001

(.0040) (.0041) (.0040) (.0048) (.0033) (.0034) (.0035)

dW E,c
it (IE

i = 0) ≠.0017 ≠.0012 ≠.0231úúú .0454úúú ≠.0060ú ≠.0011 ≠.0004

(.0040) (.0039) (.0039) (.0051) (.0033) (.0034) (.0035)

dEW,c
it (IE

i = 1) ≠.0104úúú ≠.0240úúú ≠.0323úúú .1485úúú ≠.0033ú ≠.0043úú ≠.0041úú

(.0024) (.0024) (.0024) (.0035) (.0019) (.0019) (.0020)

dW E,c
it (IE

i = 1) ≠.0128úúú ≠.0133úúú ≠.0190úúú .0335úúú .0018 .0005 ≠.0054úú

(.0026) (.0027) (.0028) (.0035) (.0021) (.0021) (.0022)

dEE
it (IE

i = 0) ≠.0188úúú ≠.0200úúú ≠.0389úúú .0712úúú .0056úúú .0051úú .0049úú

(.0025) (.0026) (.0025) (.0031) (.0021) (.0021) (.0023)

dW W
it (IE

i = 0) ≠.0102úúú ≠.0186úúú ≠.0362úúú .1247úúú .0119úúú .0082úúú .0070úúú

(.0005) (.0005) (.0005) (.0008) (.0004) (.0005) (.0005)

dEE
it (IE

i = 1) ≠.0134úúú ≠.0199úúú ≠.0319úúú .0808úúú .0034úúú .0015úúú .0031úúú

(.0006) (.0007) (.0007) (.0010) (.0005) (.0006) (.0006)

dW W
it (IE

i = 1) ≠.0165úúú ≠.0179úúú ≠.0332úúú .1222úúú .0033úúú .0008 ≠.0018

(.0017) (.0017) (.0016) (.0021) (.0012) (.0013) (.0014)

I
E
i .0138úúú .0130úúú .0141úúú .0015úúú ≠.0015úúú .0015úúú .0027úúú

(.0005) (.0005) (.0005) (.0005) (.0004) (.0004) (.0005)

WorkE
it ≠.0049úúú ≠.0056úúú ≠.0028úúú .0044úúú .0027úúú .0047úúú .0043úúú

(.0006) (.0006) (.0006) (.0007) (.0006) (.0006) (.0006)

I
E
i · WorkE

it ≠.0133úúú ≠.0122úúú ≠.0166úúú ≠.0052úúú .0010 ≠.0008 ≠.0015ú

(.0008) (.0008) (.0008) (.0009) (.0007) (.0007) (.0008)

Year FE Y Y Y Y Y Y Y

Dist, Switch Y Y Y Y Y Y Y

Age, Sex, Ed Y Y Y Y Y Y Y

Obs 7, 965, 228 8, 380, 484 8, 893, 103 8, 077, 313 6, 867, 377 5, 789, 980 4, 805, 094

Source: LIAB and authors’ calculations. Notes: The table presents the estimated coe�cients —W est
s,· and —East

s,· from regression (2)
for the 12 di�erent types of moves, as well as the coe�cients of some of the included controls. We omit t + 5. ú, úú, and ú ú ú
indicate significance at the 90th, 95th, and 99th percent level, respectively. Standard errors are clustered at the individual-level.
djk,l

it is a dummy that is equal to one if worker i made a job switch of type l from region j to region k at time t, where j and k are
either East (E) or West (W), and l is either migration as defined in the main text (m), commuting (c) or within-region (no
indicator). I

E
i is a dummy that is equal to one if the worker’s home region is East. WorkE

it is a dummy that is equal to one if the
worker is currently working in the East. Dist is a set of 5 dummies for the distance of the job-to-job move. Switch is a set of 9
dummies for the number of prior job moves. Age is a set of age dummies for 8 age groups, Sex is a dummy that is one if the
worker is male, and Ed is a dummy for whether the worker has a college degree.
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Table S3: Wage Gains of Job-to-Job Moves (With Individual FE)

Dep var.: Period ·

log(�wit) t-3 t-2 t-1 t+1 t+2 t+3 t+4

dEW,m
it (IE

i = 0) ≠.0095 ≠.0103 ≠.0531úúú .1498úúú ≠.0360úúú ≠.0014 ≠.0100

(.0126) (.0122) (.0122) (.0136) (.0093) (.0099) (.0111)

dW E,m
it (IE

i = 0) ≠.0020 ≠.0063 ≠.0361úúú .1434úúú ≠.0109 ≠.0066 .0057

(.0109) (.0100) (.0109) (.0137) (.0078) (.0087) (.0091)

dEW,m
it (IE

i = 1) ≠.0164úú ≠.0363úúú ≠.0820úúú .2976úúú ≠.0140úúú ≠.0081ú .0028

(.0065) (.0070) (.0068) (.0086) (.0040) (.0045) (.0050)

dW E,m
it (IE

i = 1) .0085 .0046 .0131 .0223úú ≠.0081 ≠.0095 .0005

(.0079) (.0087) (.0082) (.0094) (.0054) (.0062) (.0072)

dEW,c
it (IE

i = 0) ≠.0102úú ≠.0166úúú ≠.0173úúú .0676úúú ≠.0113úúú .0056 ≠.0010

(.0048) (.0049) (.0048) (.0055) (.0042) (.0044) (.0048)

dW E,c
it (IE

i = 0) .0009 .0036 ≠.0204úúú .0442úúú ≠.0140úúú ≠.0030 ≠.0013

(.0049) (.0048) (.0048) (.0057) (.0042) (.0044) (.0048)

dEW,c
it (IE

i = 1) ≠.0102úúú ≠.0236úúú ≠.0409úúú .1397úúú ≠.0088úúú ≠.0062úúú ≠.0049ú

(.0028) (.0029) (.0029) (.0039) (.0024) (.0024) (.0027)

dW E,c
it (IE

i = 1) ≠.0052 ≠.0062ú ≠.0119úúú .0385úúú ≠.0019 .0004 ≠.0040

(.0032) (.0033) (.0034) (.0039) (.0026) (.0027) (.0030)

dEE
it (IE

i = 0) ≠.0103úúú ≠.0107úúú ≠.0391úúú .0649úúú .0042 .0014 .0018

(.0031) (.0032) (.0032) (.0037) (.0027) (.0029) (.0032)

dW W
it (IE

i = 0) ≠.0062úúú ≠.0166úúú ≠.0462úúú .1020úúú .0040úúú .0022úúú .0040úúú

(.0006) (.0006) (.0006) (.0009) (.0006) (.0006) (.0006)

dEE
it (IE

i = 1) ≠.0064úúú ≠.0135úúú ≠.0342úúú .0685úúú .0005 ≠.0013ú .0019úú

(.0008) (.0008) (.0008) (.0011) (.0007) (.0007) (.0008)

dW W
it (IE

i = 1) ≠.0144úúú ≠.0159úúú ≠.0354úúú .1105úúú ≠.0048úúú ≠.0029 ≠.0041úú

(.0022) (.0021) (.0020) (.0024) (.0016) (.0018) (.0020)

WorkE
it ≠.0124úúú ≠.0172úúú ≠.0159úúú .0168úúú .0217úúú .0121úúú .0078úú

(.0027) (.0028) (.0028) (.0035) (.0028) (.0028) (.0031)

I
E
i · WorkE

it .0011 ≠.0037 ≠.0235úúú .0071ú .0100úúú .0079úú ≠.0003

(.0032) (.0032) (.0033) (.0041) (.0032) (.0033) (.0036)

Year FE Y Y Y Y Y Y Y

Indiv FE Y Y Y Y Y Y Y

Dist, Switch Y Y Y Y Y Y Y

Age Y Y Y Y Y Y Y

Observations 7, 965, 228 8, 380, 484 8, 893, 103 8, 077, 313 6, 867, 377 5, 789, 980 4, 805, 094

Source: LIAB and authors’ calculations. Notes: The table presents the estimated coe�cients —W est
s,· and —East

s,· from a regression
similar to (2) with individual FE for the 12 di�erent types of moves, as well as the coe�cients of some of the included controls. We
omit t + 5. ú, úú, and ú ú ú indicate significance at the 90th, 95th, and 99th percent level, respectively. Standard errors are
clustered at the individual-level. djk,l

it is a dummy that is equal to one if worker i made a job switch of type l from region j to
region k at time t, where j and k are either East (E) or West (W), and l is either migration as defined in the main text (m),
commuting (c) or within-region (no indicator). I

E
i is a dummy that is equal to one if the worker’s home region is East. WorkE

it is a
dummy that is equal to one if the worker is currently working in the East. Dist is a set of 5 dummies for the distance of the
job-to-job move. Switch is a set of 9 dummies for the number of past job moves. Age is a set of age dummies for 8 age groups.
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Figure S12: Wage Gains for Job-to-Job Moves, Alternative Timing

(a) East to West Move
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(b) West to East Move
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(c) Within East vs East to West (East-born)
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(d) Within West vs West to East (West-born)
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Source: LIAB and authors’ calculations. Notes: The figure is constructed by taking the point estimates for di�erent sets of
coe�cients —W est

s,· and —East
s,· from the regressions (2) for · œ {t ≠ 3, ..., t ≠ 1, t + 1, t + 5}, where wages in period t are allocated to

t ≠ 1 and t + 1 as described in the text. We then sum up the coe�cients starting at · = ≠3 to obtain for each period · the sumq·

u=≠3 —i
s,u, where i œ {West, East}, and subtract from this sum the term

q≠1
u=≠3 —i

s,u to normalize the coe�cients with respect
to period · = ≠1. The dotted lines represent the 95% confidence intervals. The top left panel shows the normalized coe�cients
for —W est

EW,· and —East
EW,· . The top right panel shows the normalized coe�cients for —W est

W E,· and —East
W E,· . The bottom left panel shows

—East
EE,· and —East

EW,· , and the bottom right panel shows —W est
W W,· and —W est

W E,· .
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Table S4: Wage Gains Robustness

Dep var.: � log(wit) (1) (2) (3) (4) (5) (6)

Baseline Month gap Æ 2 mths Æ 200km Æ 350km Any move

dEW,m
it (IEast

i = 0) .1809úúú .0817úúú .0674úúú .1675úúú .1561úúú .1041úúú

(.0181) (.0175) (.0169) (.0134) (.0119) (.0092)

dW E,m
it (IEast

i = 0) .2034úúú .0274 ≠.0125 .1803úúú .1822úúú .1380úúú

(.0193) (.0182) (.0150) (.0140) (.0144) (.0111)

dEW,m
it (IEast

i = 1) .3268úúú .1798úúú .1071úúú .2645úúú .2227úúú .1927úúú

(.0119) (.0110) (.0092) (.0079) (.0063) (.0062)

dW E,m
it (IEast

i = 1) .0384úúú ≠.0495úúú ≠.0321úúú .0412úúú .0538úúú .0683úúú

(.0108) (.0107) .0100 (.0101) (.0117) (.0075)

dEW,c
it (IEast

i = 0) .0839úúú .0148 .0105 .0707úúú .0685úúú

(.0103) (.0102) (.0116) (.0114) (.0123)

dW E,c
it (IEast

i = 0) .1165úúú .0399úúú .0515úúú .1053úúú .0763úúú

(.0133) (.0133) (.0154) (.0158) (.0165)

dEW,c
it (IEast

i = 1) .1429úúú .0688úúú .0555úúú .1202úúú .1088úúú

(.0066) (.0064) (.0069) (.0084) (.0126)

dW E,c
it (IEast

i = 1) .0759úúú .0040 .0271úúú .0722úúú .0713úúú

(.0087) (.0087) (.0102) (.0090) (.0089)

I
East
i ≠.0036úúú ≠.0019 .0015 ≠.0037úúú ≠.0037úúú ≠.0037úúú

(.0013) (.0013) (.0012) (.0013) (.0013) (.0013)

WorkEast
it .0025 .0027 .0032ú .0025 .0025 .0025

(.0018) (.0018) (.0017) (.0018) (.0018) (.0018)

I
East
i · WorkEast

it .0028 .0003 ≠.0024 .0028 .0028 .0028

(.0022) (.0022) (.0021) (.0022) (.0022) (.0022)

Year FE Y Y Y Y Y Y

Dist, Switch Y Y Y Y Y Y

Age, Sex, Ed Y Y Y Y Y Y

Observations 5, 545, 110 5, 545, 110 5, 545, 110 5, 545, 110 5, 545, 110 5, 545, 110

Source: LIAB and authors’ calculations. Notes: The table presents the estimates of selected coe�cients of specification (59), with
various robustness checks. The coe�cients for within-region moves are omitted for brevity. ú, úú, and ú ú ú indicate significance at
the 90th, 95th, and 99th percent level, respectively. Standard errors are clustered at the individual level. I

East
i is a dummy that is

equal to one if the worker’s home region is East. WorkEast
it is a dummy that is equal to one if the worker is currently working in

the East. Dist is a set of 5 dummies for the distance of the job-to-job move. Switch is a set of 9 dummies for the number of past
job moves. Age is a set of age dummies for 8 age groups, Sex is a dummy that is one if the worker is male, and Ed is a dummy for
whether the worker has a college degree. Column (1) presents the benchmark regression (59). Migration (m) is defined as a job
change between East and West Germany that entails a change in the residence county in the year of the move compared to the
previous year. All other cross-area moves are commuting (c). Column (2) adds to the benchmark regression a control for the
number of months between job spells. Column (3) drops all job switches where more than two months elapse between jobs.
Column (4) expands the definition of cross-area migration to also include all moves that increase the distance to the residence
county, as long as the distance between work and residence is less than 200km. Column (5) increases the distance threshold
between work and residence to 350km. Column (6) classifies all job switches out of the current region to the other region as
migration.
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Table S5: Wage Gains for Sub Groups

Dep var.: (1) (2) (3) (4) (5) (6) (7)

� log(wit) Male Female College No coll. Young Middle Older

dEW,m
it (IE

i = 0) .1632úúú .2118úúú .2329úúú .1723úúú .2294úúú .1450úúú .0986úúú

(.0210) (.0348) (.0317) (.0262) (.0257) (.0312) (.0325)

dW E,m
it (IE

i = 0) .1625úúú .2778úúú .4010úúú .0611úú .3187úúú .0520ú ≠.0598

(.0226) (.0362) (.0366) (.0259) (.0265) (.0284) (.0377)

dEW,m
it (IE

i = 1) .2871úúú .3913úúú .5182úúú .2855úúú .3745úúú .1520úúú .1209úúú

(.0128) (.0240) (.0313) (.0143) (.0140) (.0221) (.0219)

dW E,m
it (IE

i = 1) .0259úú .0552úúú .1760úúú ≠.0157 .0626úúú .0210 ≠.0499

(.0129) (.0195) (.0258) (.0132) (.0123) (.0271) (.0333)

dEW,c
it (IE

i = 0) .0729úúú .0948úúú .1687úúú .1095úúú .1664úúú .0337ú .0038

(.0110) (.0250) (.0198) (.0111) (.0148) (.0186) (.0219)

dW E,c
it (IE

i = 0) .0874úúú .2013úúú .1877úúú .0717úúú .1957úúú .0839úúú .0261

(.0151) (.0266) (.0260) (.0117) (.0155) (.0278) (.0254)

dEW,c
it (IE

i = 1) .1259úúú .1745úúú .2352úúú .1406úúú .2087úúú .1046úúú .0230ú

(.0076) (.0133) (.0243) (.0073) (.0093) (.0107) (.0133)

dW E,c
it (IE

i = 1) .0531úúú .1330úúú .1448úúú .0452úúú .1058úúú .0460úúú .0445

(.0085) (.0268) (.0163) (.0073) (.0088) (.0120) (.0278)

I
E
i ≠.0046úúú ≠.0004 ≠.0003 ≠.0082úúú ≠.0036úú .0010 .0030

(.0015) (.0023) (.0022) (.0013) (.0015) (.0033) (.0025)

WorkE
it .0010 .0076 .0035 .0048úúú ≠.0019 .0036 .0030

(.0018) (.0047) (.0031) (.0017) (.0037) (.0031) (.0025)

I
East
i · WorkE

it .0011 .0027 .0050 .0040ú .0066 ≠.0085ú ≠.0012

(.0023) (.0052) (.0039) (.0022) (.0041) (.0045) (.0036)

DiD Migr .2605 .4021 .5103 .1900 .4012 .0380 .0124

DiD Comm .0873 .1480 .1094 .0576 .1322 .1088 .0008

Year FE Y Y Y Y Y Y Y

Dist, Switch Y Y Y Y Y Y Y

Age, Sex, Ed Y Y Y Y Y Y Y

Observations 4, 013, 950 1, 531, 160 851, 400 3, 277, 109 2, 144, 040 1, 491, 931 1, 909, 139

Source: LIAB and authors’ calculations. Notes: The table presents the estimates of selected coe�cients of specification (59), for
various sub groups of the population. The coe�cients for within-region moves are omitted for brevity. ú, úú, and ú ú ú indicate
significance at the 90th, 95th, and 99th percent level, respectively. Standard errors are clustered at the individual level. I

E
i is a

dummy that is equal to one if the worker’s home region is East. WorkE
it is a dummy that is equal to one if the worker is currently

working in the East. Dist is a set of 5 dummies for the distance of the job-to-job move. Switch is a set of 9 dummies for the
number of past job moves. Age is a set of age dummies for 8 age groups, Sex is a dummy that is one if the worker is male, and Ed
is a dummy for whether the worker has a college degree. High-skilled workers are workers with a college degree. Young workers
were born from 1975 onwards. Middle-aged workers were born 1965-1974. Older workers were born before 1965. The rows “DiD
Migr” and “DiD Comm” verify the presence of home bias, and are calculated as
(dEW,m

it (IEast
i = 1) ≠ dW E,m

it (IEast
i = 1)) ≠ (dEW,m

it (IEast
i = 0) ≠ dW E,m

it (IEast
i = 0)) for migrants, and analogously for

commuters. A positive value indicates that the di�erence in the wage gain moving out of the East compared to returning is larger
for East Germans than for West Germans, i.e., home bias.
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O Additional Results on Workers’ Flows
Column 1 of Table S6 presents the estimated coe�cients from our gravity specification (3).
We find that the distance coe�cients, „x, decline with distance, consistent with workers being
less likely to move between counties further apart. The coe�cient on the cross-border term,
I(R(o) ”=R(d)), should be negative if workers are less likely to move across the East-West border
regardless of their home region or distance. The estimated coe�cient is marginally positive,
indicating that there is definitely no cross-border e�ect after controlling for distance and fixed
e�ects. Instead, as discussed in the main text, we find significantly di�erent destination fixed
e�ects for workers with di�erent home regions.

Figure S13 plots the di�erence of the origin fixed e�ects between East and West Germans,
”

East
o ≠ ”

W est
o , for each county against the distance of that county to the East-West border,

analogous to Figure 4b, which showed the destination fixed e�ects. Counties in East Germany
exhibit a negative di�erence in fixed e�ects between East- and West-born workers, indicating
that East-born workers are less likely to move away from these counties. The di�erence is
slightly smaller for counties closer to the border, but there is still a strong discontinuity.

Columns 2-6 of Table S6 show a number of robustness checks of our main gravity speci-
fication. To summarize the e�ect of workers’ home region, we replace the origin-home region
and destination-home region fixed e�ects in these regressions with simple origin and destination
fixed e�ects by running

log s
h
o,d = ”o + “d +

ÿ

xœX

„xDx,o,d + flIR(o) ”=R(d) + —1I
East + —2I(R(o)=h) + —3I(R(d)=h) + ‘

h
o,d. (60)

In this specification, we add a dummy for whether the origin county was in the worker’s home
region, I(R(o)=h), and a dummy for whether the destination county was in the worker’s home
region, I(R(d)=h). If worker flows are biased towards workers’ home region, the coe�cient on the
origin home dummy will be negative and the coe�cient on the destination home dummy will be
positive, indicating relatively fewer flows out of the home region and more flows into the home
region. We also add a dummy for East German workers, IEast. Column 2 runs this specification
on our dataset. The results are similar to our main specification. In particular, we find a large
and negative coe�cient on the origin home dummy and a large and positive coe�cient on the
destination home dummy, indicating significant home bias.

Column 3 re-runs this specification but keeps only migration moves. These are defined as
job changes across counties that are associated with a change in the residence county in the
year of the job change compared to one year prior. Restricting the sample to only such moves
significantly reduces the number of origin-destination county pairs for which we see flows. We
find a smaller but still very significant negative e�ect of distance and still significant home bias.
In particular, workers are significantly less likely to move across counties if their origin county
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is in their home region.
Column 4 expands the definition of migration by adding to migration those moves where the

worker changes jobs between counties and the worker’s distance to her residence increases, as
long as the distance between work and residence is less than 200km for both jobs. We impose
this threshold since a distance greater than 200km between residence and work likely indicates
that the residence is misreported. In Column 5, we further broaden this definition and increase
the threshold between work and residence from 200km to 350km. These changes strengthen
the home bias we find relative to the regression with only migration. Finally, in Column 6, we
return to the baseline definition of all job-to-job moves and add to these all job changes with an
intermittent spell of unemployment. Adding these moves increases the number of county pairs
for which we observe flows. The results are very similar to the regression with only job-to-job
movers in Column 2.

In Table S7, we next run specification (60) for di�erent sub groups of the population.
Columns 1 and 2 contain the results for male and female workers, respectively. In Columns
3 and 4, we analyze workers with and without a college degree. In Columns 5 to 7, we examine
the results for workers of di�erent age groups. While the number of county pairs for which
we observe flows drops in these specifications, the results are overall very similar and indicate
substantial home bias for all groups.

Column 1 of Table S8 runs specification (60) but replaces the dummy for moves across
regions, I(R(o) ”=R(d)), with a more flexible specification that controls for the distance between the
origin county and the former East-West border. Specifically, we run

log s
h
o,d = ”o + “d +

ÿ

xœX

„xDx,o,d + ›o,d

ÿ

yœY

ÂyDy,o + —1I
East + —2I(R(o)=h) + —3I(R(d)=h) + ‘

h
o,d, (61)

where ›o,d is a dummy that is equal to one if the origin and destination county are in di�erent
regions, and Dy,o are dummies for buckets of the distance between the origin county and the
East-West border. The set of buckets Y contains the intervals 1km-99km, 100-149km, 150-
199km, and more than 199km. This specification analyzes whether workers that are further
away from the border have a stronger resistance towards moving across regions. Column 1
shows that workers are actually slightly more likely to cross the former border if their origin
county is further away, but the e�ect is small. We still find significant home bias as before.

Column 2 further divides each of East and West Germany into two “locations”, so that overall
we have four locations: Northwest (NW), Southwest (SW), Northeast (NE), and Southeast (SE).
These four locations are the same as the ones used in our estimation section. We then estimate

log s
h
o,d = ”o + “d +

ÿ

xœX

„xDx,o,d +
ÿ

hœS

—hI
s +

ÿ

kœK

—kIk +
ÿ

mœM

“mIm + ‘
h
o,d, (62)
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where I
s is a set of dummies for the worker’s home location, S = {SW, NE, SE}, and the

dummies Ik capture moves between East and West Germany in the same way as before, with K =
{R(o) ”= R(d), R(o) = h, R(d) = h}. We also define M = {S(o) ”= S(d), S(o) = h, S(d) = h},
where IS(o) ”=S(d) is equal to one for moves between any of the four locations, S(o) = h is equal
to one if the origin county is in the location that is the worker’s home, and S(d) = h is equal
to one if the destination county is in the location that is the worker’s home. By including both
the dummies for moves between East and West Germany and the dummies for moves between
the finer locations, we can distinguish the e�ects of moving between East and West from the
e�ects of moving between the locations. Column 2 shows that there is substantial attachment
to workers’ location. However, we also find a significant, though smaller, home bias towards the
larger overall region.
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Table S6: Gravity Regression - Robustness

(1) (2) (3) (4) (5) (6)

Baseline Di�erent

FE

Migration Migration

<= 200km

Migration

<= 350km

Unemp

I(R(o) ”=R(d)) .0373úúú .0316úúú .0414úúú .0249úú .0243úú .0250úúú

(.0088) (.0091) (.0103) (.0120) (.0110) (.0081)

„50≠99 ≠1.6989úúú ≠1.7226úúú ≠.9277úúú ≠1.6616úúú ≠1.6528úúú ≠1.8248úúú

(.0189) (.0189) (.0167) (.0205) (.0204) (.0188)

„100≠149 ≠2.3712úúú ≠2.4002úúú ≠1.2299úúú ≠2.2460úúú ≠2.2279úúú ≠2.5658úúú

(.0188) (.0188) (.0170) (.0208) (.0206) (.0185)

„150≠199 ≠2.5993úúú ≠2.6178úúú ≠1.3405úúú ≠2.4368úúú ≠2.4079úúú ≠2.8291úúú

(.0188) (.0188) (.0172) (.0210) (.0207) (.0185)

„200≠249 ≠2.6974úúú ≠2.7081úúú ≠1.3816úúú ≠2.6521úúú ≠2.4839úúú ≠2.9406úúú

(.0189) (.0190) (.0173) (.0218) (.0209) (.0186)

„250≠299 ≠2.7471úúú ≠2.7565úúú ≠1.3938úúú ≠2.6779úúú ≠2.5084úúú ≠2.9984úúú

(.0192) (.0192) (.0177) (.0223) (.0212) (.0187)

„300≠349 ≠2.7799úúú ≠2.7895úúú ≠1.4041úúú ≠2.7046úúú ≠2.5497úúú ≠3.0349úúú

(.0195) (.0195) (.0185) (.0230) (.0217) (.0190)

„350≠399 ≠2.8307úúú ≠2.8324úúú ≠1.4460úúú ≠2.7415úúú ≠2.7117úúú ≠3.0854úúú

(.0197) (.0198) (.0187) (.0235) (.0228) (.0192)

„400+ ≠2.9105úúú ≠2.9049úúú ≠1.4879úúú ≠2.7903úúú ≠2.7882úúú ≠3.1686úúú

(.0193) (.0192) (.0177) (.0223) (.0219) (.0187)

I
East .1699úúú .1100úúú .1086úúú .1085úúú .1560úúú

(.0082) (.0096) (.0115) (.0105) (.0072)

I(R(o)=h) ≠1.6683úúú ≠1.4113úúú ≠1.9058úúú ≠1.8403úúú ≠1.6264úúú

(.0074) (.0087) (.0100) (.0091) (.0065)

I(R(d)=h) .5505úúú .2854úúú .4325úúú .3819úúú .5979úúú

(.0075) (.0087) (.0102) (.0095) (.0065)

Origin-home FE Y ≠ ≠ ≠ ≠ ≠

Destination-home FE Y ≠ ≠ ≠ ≠ ≠

Origin FE ≠ Y Y Y Y Y

Destination FE ≠ Y Y Y Y Y

Observations 75, 937 75, 937 37, 246 46, 978 53, 714 95, 275

Source: LIAB and authors’ calculations. Notes: The table presents robustness checks of specification (3). Column 1 presents the
estimated coe�cients from the baseline equation. I(R(o) ”=R(d)) is a dummy that is equal to one if the job switch is between regions,
i.e., between East and West Germany. The coe�cients „x are dummies for the distance of the move, where the set of buckets X

contains 50km intervals from 50km-99km onward to 350km-399km, and an eighth group for counties that are further than 399 km
apart. Column 2 replaces the origin-by-home region and destination-by-home region fixed e�ects with origin and destination fixed
e�ects, and includes three additional dummies: I

East is a dummy that is equal to one for workers whose home region is East
Germany, I(R(o)=h) is a dummy that is equal to one for workers whose job prior to the job-to-job move was in their home region,
and I(R(d)=h) is a dummy that is equal to one for workers whose job after to the switch is in their home region. Column 3 includes
only migration moves, defined as cases where the job switch is accompanied by a change in residence county. Column 4 expands
the definition of migration to also include all moves that increase the distance to the residence county, as long as the distance
between work and residence is less than 200km. Column 5 increases the distance threshold between work and residence to 350km.
Column 6 includes not only job-to-job moves but also all job changes with an intermittent unemployment spell.
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Figure S13: Origin Fixed E�ects
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Source: LIAB and authors’ calculations. Notes: The figure plots the di�erence between the origin fixed e�ects for East- and
West-born, ”East

o ≠ ”W est
o from the baseline gravity regression (3), as a function of the distance of each county o to the East-West

former border. We normalize the fixed e�ect coe�cients for each worker type by their mean and plot counties in the East with a
negative distance.
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Table S7: Gravity Regression - Sub-Groups

(1) (2) (3) (4) (5) (6) (7)

Males Females College No coll. Young Middle Older

I(R(o) ”=R(d)) .0430úúú ≠.0029 ≠.0208 .0630úúú .0869úúú .0126 ≠.0082

(.0095) (.0139) (.0139) (.0109) (.0104) (.0129) (.0143)

„50≠99 ≠1.6265úúú ≠1.4747úúú ≠1.0522úúú ≠1.6746úúú ≠1.5994úúú ≠1.4074úúú ≠1.3376úúú

(.0191) (.0205) (.0202) (.0199) (.0189) (.0204) (.0225)

„100≠149 ≠2.2441úúú ≠1.9595úúú ≠1.4153úúú ≠2.2691úúú ≠2.2037úúú ≠1.8347úúú ≠1.7457úúú

(.0191) (.0215) (.0209) (.0202) (.0191) (.0213) (.0234)

„150≠199 ≠2.4342úúú ≠2.0871úúú ≠1.5056úúú ≠2.4374úúú ≠2.3791úúú ≠1.9345úúú ≠1.8531úúú

(.0192) (.0219) (.0213) (.0204) (.0192) (.0216) (.0240)

„200≠249 ≠2.5080úúú ≠2.1460úúú ≠1.5588úúú ≠2.4901úúú ≠2.4520úúú ≠1.9638úúú ≠1.8549úúú

(.0194) (.0225) (.0217) (.0207) (.0195) (.0217) (.0240)

„250≠299 ≠2.5512úúú ≠2.1659úúú ≠1.5776úúú ≠2.5270úúú ≠2.4881úúú ≠1.9980úúú ≠1.8879úúú

(.0196) (.0230) (.0224) (.0210) (.0198) (.0224) (.0245)

„300≠349 ≠2.5833úúú ≠2.1507úúú ≠1.5944úúú ≠2.5482úúú ≠2.5183úúú ≠1.9847úúú ≠1.8634úúú

(.0200) (.0239) (.0235) (.0215) (.0202) (.0233) (.0260)

„350≠399 ≠2.6204úúú ≠2.1988úúú ≠1.6246úúú ≠2.5675úúú ≠2.5480úúú ≠2.0246úúú ≠1.9016úúú

(.0203) (.0244) (.0240) (.0218) (.0207) (.0244) (.0259)

„400+ ≠2.6794úúú ≠2.2250úúú ≠1.6743úúú ≠2.6179úúú ≠2.5962úúú ≠2.0701úúú ≠1.9118úúú

(.0197) (.0228) (.0223) (.0211) (.0198) (.0225) .0249)

I
East .1980úúú ≠.0229ú .2402úúú .0797úúú ≠.0119 .4031úúú .1800úúú

(.0087) (.0136) (.0130) (.0104) (.0102) (.0122) (.0133)

I(R(o)=h) ≠1.6647úúú ≠1.8374úúú ≠1.6666úúú ≠1.7893úúú ≠1.7728úúú ≠1.6813úúú ≠1.8975úúú

(.0079) (.0124) (.0118) (.0093) (.0091) (.0111) (.0123)

I(R(d)=h) .5128úúú .4179úúú .3385úúú .4949úúú .5359úúú .3679úúú .3792úúú

(.0080) (.0120) (.0120) (.0093) (.0088) (.0113) (.0124)

Origin FE Y Y Y Y Y Y Y

Destination FE Y Y Y Y Y Y Y

Observations 65, 478 32, 956 28, 727 50, 275 56, 349 31, 410 28, 110

Source: LIAB and authors’ calculations. Notes: The table presents gravity estimates for sub groups of the population. ú, úú, and
ú ú ú indicate significance at the 90th, 95th, and 99th percent level, respectively. I(R(o) ”=R(d)) is a dummy that is equal to one if
the job switch is between regions, i.e., between East and West Germany. The coe�cients „x are dummies for the distance of the
move, where the set of buckets X contains 50km intervals from 50km-99km onward to 350km-399km, and an eighth group for
counties that are further than 399 km apart. I

East is a dummy that is equal to one for workers whose home region is East
Germany, I(R(o)=h) is a dummy that is equal to one for workers whose job prior to the job-to-job move was in their home region,
and I(R(d)=h) is a dummy that is equal to one for workers whose job after to the switch is in their home region. Columns 1 and 2
present the estimates for the samples of only males and only females, respectively. Columns 3 and 4 consider workers with a
college education and without a college education, respectively. Young workers were born from 1975 onwards. Middle-aged
workers were born 1965-1974. Older workers were born before 1965.
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Table S8: Gravity Regression - Robustness II

(1) (2)

Flexible Distance Cross Location

Â1≠99 ≠.0490úúú

(.0118)

Â100≠149 .0792úúú

(.0168)

Â150≠199 .1409úúú

(.0171)

Â200+ .1672úúú

(.0173)

I(R(o)=h) ≠1.6669úúú ≠.3495úúú

(.0074) (.0090)

I(R(d)=h) .5505úúú .1293úúú

(.0075) (.0088)

I(R(o) ”=R(d)) ≠.1270úúú

(.0091)

I(S(o)=h) ≠1.8252úúú

(.0076)

I(S(d)=h) .5069úúú

(.0075)

I(S(o) ”=S(d)) .0712úúú

(.0087)

Distance Y Y

Home Region FE Y ≠

Home Location FE ≠ Y

Origin FE Y Y

Destination FE Y Y

Observations 75, 937 92, 512

Source: LIAB and authors’ calculations. Notes: The first column presents the estimated coe�cients for specification (61). We
omit the distance coe�cients „x, the East home region dummy I

East (from column (1)), and the three home location dummies I
s

(from column (2)) for brevity. ú, úú, and ú ú ú indicate significance at the 90th, 95th, and 99th percent level, respectively. The
coe�cients Ây are dummies for buckets of the distance between the origin county and the East-West border. The set of buckets Y

contains the intervals 1km-99km, 100-149km, 150-199km, and more than 199km. I(R(o)=h) is a dummy that is equal to one for
workers whose job prior to the job-to-job move was in their home region, and I(R(d)=h) is a dummy that is equal to one for
workers whose job after to the switch is in their home region. The second column presents the estimated coe�cients for
specification (62). I(R(o) ”=R(d)) is a dummy that is equal to one if the job switch is between regions, i.e., between East and West
Germany. I(S(o) ”=S(d)) is a dummy that is equal to one if the job switch is between locations, such as NW and SE. I(S(o)=h) is a
dummy that is equal to one for workers whose job prior to the job-to-job move was in their home location, and I(S(d)=h) is a
dummy that is equal to one for workers whose job after to the switch is in their home location.
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P Alternative Estimations
In this section, we compare the benchmark estimation to two alternatives to analyze how our
structural estimates vary as a function of the way we define a cross-location move, as discussed
in Section 6.2.

The first alternative includes as cross-location moves only those job switches across loca-
tions where the worker also updates her residence in the year of the move. Compared to the
benchmark definition, we thus exclude job switches across locations where the worker does not
update her residence but moves further away from her residence and stays within 200km of the
county of residence. This narrow definition is based on the definition of cross-regional migration
used in Section 3. The second alternative, instead, includes as cross-location moves any job-
to-job switch across locations, regardless of residence. We refer to the first definition as “Only
Migration Moves” and to the second one as “All Moves”.

Of course, when we alter the definition of a cross-regional move, several of the targeted
moments change. Table S9 lists all the moments and shows whether and how they change
across estimations. All the moments directly related to cross-location moves – wage-gains (row
1), their standard deviations (row 13), and the frequency of flows (row 2) – change as we alter
the definition of a cross-location move. In addition to that, we also need to change a few
other targets for consistency. In particular, the moments that capture the distribution of labor
across locations by birth-location must be reconsidered (rows 3, 4, and 5). In the benchmark
estimation and in the “Only Migration Moves” one, we use the current residence location as
target for the distribution of labor since it more closely reflects the way in which we define a
cross-location move. In the “All Moves” estimation, instead, we use the work location for the
distribution of labor since, in this case, we do not distinguish between living and work locations
and we use only data on the latter. Thus, in Appendix G.2.3, G.2.4, and G.2.5, we use the
moments from the “Work” columns instead of from the “Live” columns.

For each one of the three estimations, we follow the same estimation method described in
Section H. The model’s fit is similar across all the estimations. In fact, Figures 6, A5, A6, and
A7 for the benchmark estimation show a very similar fit to Figures S14, S16, S18, and S20, for
the “Only Migration Moves” estimation, and to Figures S15, S17, S19, and S21 for the “All
Moves” estimation. Likewise for Tables A29, S10, and S11, which show further details on the
model’s fit for the three estimations.

While the model fits are similar, the estimated parameters di�er along a few dimensions, as
expected, while still providing a similar qualitative perspective. Tables S12 and S13 report the
estimated spatial frictions for the “Only Migration Moves” and the “All Moves” estimations.
Under the “Only Migration Moves” definition, the frequency of cross-location flows observed
in the data decreases and their average wage gains increase. As a result, the model estimates
larger moving costs. They are approximately three times as large as the benchmark, but still
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much lower than estimates in the literature. The model also estimates slightly larger search
frictions, although the di�erence is small. The reason for the latter outcome is that the sample
restriction to only migration moves has a larger empirical e�ect on wage gains than on labor
flows. As a result, the model estimates significantly higher moving costs, which, by themselves,
reduce the flows almost by as much as in the data.

Including all moves has the opposite e�ect. The moving costs fall considerably, to approxi-
mately one third of the benchmark estimate. The search frictions are also a�ected (and reduced)
but by a smaller extent. The biggest change is an increase in search home bias, which doubles
the search e�ciency of workers returning to their home region.

It is also worthwhile to notice that the home preference is slightly larger than the benchmark
in both alternative estimations. While this result may seem surprising at first, it actually
encapsulates a key aspect of our estimation exercise. All the parameters are jointly estimated,
and thus even if we target a lower asymmetry in the wage gains of cross-regional moves across
worker types (as is the case for the “All Moves” estimation), the home preference does not have
to decrease to match this fact. In fact, the estimation procedure pins down the home preference
parameters mostly by comparing di�erent types of job-to-job moves, and - in our data - the
overall decrease in wage gains in the “All Moves” estimation relative to the benchmark is more
dramatic that the decrease in the asymmetry. As a result, the home preference has to increase

to match the data.
Finally, Tables S14 and S15 include all the primitive parameters and Figure S22 compares

the outcomes of the three estimations and confirms that the biggest di�erence is for the moving
costs.

31



Table S9: Moments used in the Estimation

Moments Benchmark Migration Only All Moves
(1) Wage gains of job-job moves, by (i, j, x) Benchmark Migration All

(2) Frequency of job flows, by (i, j, x) Benchmark Migration All

(3) Employment shares, by (i, j) Residence Residence Work

(4) Unemployment shares, by (i, j) Residence Residence Work

(5) Firm component of wages, by (i, j) Residence Residence Work

(6) Average firm component of wages, by j / / /

(7) Relative GDP per worker, by j / / /

(8) Unemployment rates, by j / / /

(9) Deciles of firm-size distributions, by j / / /

(10) Slope of wage vs firm size relationship, by j / / /

(11) Slope of J2J wage gain vs firm wage, by j / / /

(12) Slope of separation rate vs firm wage, by j / / /

(13) Std of job-job wage gains, by (i, j, x) Benchmark Migration All

(14) Profit to labor cost ratio, by j / / /

Notes: the table reports the moments used in the estimation and highlights whether they di�er across the three estimations. If the
moments used is identical across the three estimation, we include a slash symbol. Otherwise, we specify how the moments di�er.
Specifically, “Benchmark”, “Migration”, and “All” mean that these moments are computed using the corresponding definition of a
cross-region job change. “Residence” and “Work” refer to whether we use the distribution of labor in Appendix G.2.3, G.2.4, and
G.2.5 from the “Live” or from the “Work” column.

Figure S14: Estimation Outcome; Only Migration Moves
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Notes: The figure shows the outcomes of the estimation for the “Only Migration Moves” estimation. Each panel shows a di�erent
one of the 21 estimated parameters. As described in the text, the black dashed and blue lines show the densities for di�erent
sub-sets of parameter draws. The red vertical lines are our estimated parameters, while the black vertical lines show the estimates
that we would obtain with the alternative approach, described above. The top row shows the estimation results for ·SW , ·E , ·r,
·l, Ÿ0 and Ÿ1. The second row shows the results for z0, z1, zl,1, zl,2, zr, and ASW . The third row shows the estimates for AE ,
›0,W , ›0,E , ›1, ‡, and �. The last row shows the estimates for ‹, ‘, and ÿ.
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Figure S15: Estimation Outcome; All Moves
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Notes: The figure shows the outcomes of the estimation for the “All Moves” estimation. Each panel shows a di�erent one of the 21
estimated parameters. As described in the text, the black dashed and blue lines show the densities for di�erent sub-sets of
parameter draws. The red vertical lines are our estimated parameters, while the black vertical lines show the estimates that we
would obtain with the alternative approach, described above. The top row shows the estimation results for ·SW , ·E , ·r, ·l, Ÿ0 and
Ÿ1. The second row shows the results for z0, z1, zl,1, zl,2, zr, and ASW . The third row shows the estimates for AE , ›0,W , ›0,E ,
›1, ‡, and �. The last row shows the estimates for ‹, ‘, and ÿ.

Figure S16: Wage Gains and Frequency of Job Flows; Only Migration Moves
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Notes: The left panel shows the average wage gains of di�erent types of job-to-job moves in the data (x-axis) against the average
wage gains in the model (y-axis) for the “Only Migration Moves” alternative. The right panel shows the frequency of each
direction of the job-to-job move in the data (x-axis) against the frequency in the model (y-axis). Di�erent types of moves are
identified by a mix of colors and symbols, listed in the right panel. In total, there are 64 possible types of moves by (origin
location, destination location, home location). The data moments used are listed in Appendix G.2.1 and G.2.2. Gray symbols are
moves within-region, blue symbols are moves to the West, and red symbols are moves to the East. Diamonds symbolize
cross-location moves within-region back to the home location (in gray) or cross-region moves back to the home region (blue or
red). Stars symbolize cross-location moves within-region away from the home location (in gray) or cross-region moves away from
the home region (blue or red). Gray circles are moves within-location.
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Figure S17: Wage Gains and Frequency of Job Flows: All Moves
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Notes: The left panel shows the average wage gains of di�erent types of job-to-job moves in the data (x-axis) against the average
wage gains in the model (y-axis) for the “All Moves” alternative. The right panel shows the frequency of each direction of the
job-to-job move in the data (x-axis) against the frequency in the model (y-axis). Di�erent types of moves are identified by a mix of
colors and symbols, listed in the right panel. In total, there are 64 possible types of moves by (origin location, destination location,
home location). The data moments used are listed in Appendix G.2.1 and G.2.2. Gray symbols are moves within-region, blue
symbols are moves to the West, and red symbols are moves to the East. Diamonds symbolize cross-location moves within-region
back to the home location (in gray) or cross-region moves back to the home region (blue or red). Stars symbolize cross-location
moves within-region away from the home location (in gray) or cross-region moves away from the home region (blue or red). Gray
circles are moves within-location.
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Figure S18: Employment, Wages, and GDP by Location and Worker-Type; Only Migration
Moves
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Notes: The figure graphs the value of various moments in the model against the same moments in the data for the “Only
Migration Moves” estimation. The construction of these moments is described in Sections G.2.3 to G.2.8. Each dot corresponds to
one moment. The top left panel shows the share of employed workers residing in each location, by worker type. The top middle
panel shows the share of unemployed workers residing in each location, again by worker type. The top right panel shows the
average log firm component of wages for each worker type residing in each location, normalized relative to workers whose home
location is North-West and that are currently residing in the North-West. In each panel, moments relating to West German
workers are in blue and moments for East German workers are in red. Circles are for workers currently residing in their home
location, squares for workers residing in their home region but not location, and stars are for workers currently out of their home
region. The bottom left panel shows the average log firm component of wages by location, relative to the North-West. The bottom
middle panel shows the GDP per capita of each location relative to the North West. Last, the bottom right panel shows the
unemployment rates. In each of these panels, West locations are in blue and East locations are in red.
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Figure S19: Employment, Wages, and GDP by Location and Worker-Type; All Moves
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Notes: The figure graphs the value of various moments in the model against the same moments in the data for the “All Moves”
estimation. The construction of these moments is described in Sections G.2.3 to G.2.8. Each dot corresponds to one moment. The
top left panel shows the share of employed workers working in each location, by worker type. The top middle panel shows the
share of unemployed workers receiving unemployment benefits in each location, again by worker type. The top right panel shows
the average log firm component of wages for each worker type working in each location, normalized relative to workers whose home
location is North-West and that are currently working in the North-West. In each panel, moments relating to West German
workers are in blue and moments for East German workers are in red. Circles are for workers currently working in their home
location, squares for workers working in their home region but not location, and stars are for workers currently out of their home
region. The bottom left panel shows the average log firm component of wages by location, relative to the North-West. The bottom
middle panel shows the GDP per capita of each location relative to the North West. Last, the bottom right panel shows the
unemployment rates. In each of these panels, West locations are in blue and East locations are in red.
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Figure S20: Within-region Firm-Size Distributions; Only Migration Moves

0 2 4 6 8 10
Size Decile

10-2

10-1

100

Sh
ar

e 
of

 E
m

pl
oy

m
en

t (
lo

gs
)

North West

0 2 4 6 8 10
Size Decile

10-2

10-1

100

Sh
ar

e 
of

 E
m

pl
oy

m
en

t (
lo

gs
)

South West

0 2 4 6 8 10
Size Decile

10-2

10-1

100

Sh
ar

e 
of

 E
m

pl
oy

m
en

t (
lo

gs
)

North East

0 2 4 6 8 10
Size Decile

10-2

10-1

100

Sh
ar

e 
of

 E
m

pl
oy

m
en

t (
lo

gs
)

South East

Model
Data

Notes: The figure compares the firm size distribution in the model and in the data for the “Only Migration Moves” estimation.
Each panel graphs the share of total employment that is working at each decile of the firm size distribution for each of the four
locations. Model moments are in black and data moments are in gray. The construction of these moments is described in Section
G.2.9.
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Figure S21: Within-region Firm-Size Distributions; All Moves
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Notes: The figure compares the firm size distribution in the model and in the data for the “All Moves” estimation. Each panel
graphs the share of total employment that is working at each decile of the firm size distribution for each of the four locations.
Model moments are in black and data moments are in gray. The construction of these moments is described in Section G.2.9.
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Table S10: Model Fit for Additional Moments; Only Migration Moves
Parameters Model Data

West East West East

(1) Slopes wage vs firm’s size, by j
North 0.128 0.139 0.124 0.110

South 0.173 0.146 0.124 0.109

(2) Slopes separation vs firm’s wage, by j
North -0.018 -0.015 -0.029 -0.037

South -0.018 -0.015 -0.033 -0.036

(3) Slopes wage gain vs firm’s wage, by j
North -0.832 -0.910 -0.549 -0.561

South -0.851 -0.893 -0.577 -0.562

(4) Average Std of job-job wage gains, by j
North 0.439 0.417 0.609 0.647

South 0.445 0.421 0.631 0.578

(5) Profit shares, by j
North 0.325 0.407 0.274 0.299

South 0.345 0.387 0.259 0.263

Notes: The table compares several moments in the model to their data analogues by location of the firm. The construction of
these moments is described in Sections G.2.10 to G.2.14. The first row shows the slope of the wage function with respect to firm
size. The second row presents the slope of the separation rate with respect to firms’ wage. The third row shows the slope of the
average wage gain from a job-to-job move as a function of the origin firm’s wage. The fourth row presents the standard deviation
of wage gains from a job-to-job move by location of the origin firm. We take the average across all the 16 possible job-to-job moves
that originated in each region. All the 64 disaggregated moments are included in Supplemental Appendix Q. The last row shows
the average ratio of profits to labor costs in each location.

Table S11: Model Fit for Additional Moments; All Moves
Parameters Model Data

West East West East

(1) Slopes wage vs firm’s size, by j
North 0.134 0.146 0.124 0.110

South 0.167 0.149 0.124 0.109

(2) Slopes separation vs firm’s wage, by j
North -0.032 -0.024 -0.029 -0.037

South -0.032 -0.025 -0.033 -0.036

(3) Slopes wage gain vs firm’s wage, by j
North -0.739 -0.838 -0.549 -0.561

South -0.759 -0.821 -0.577 -0.562

(4) Average Std of job-job wage gains, by j
North 0.403 0.391 0.546 0.527

South 0.408 0.391 0.561 0.523

(5) Profit shares, by j
North 0.251 0.328 0.274 0.299

South 0.265 0.313 0.259 0.263

Notes: The table compares several moments in the model to their data analogues by location of the firm. The construction of
these moments is described in Sections G.2.10 to G.2.14. The first row shows the slope of the wage function with respect to firm
size. The second row presents the slope of the separation rate with respect to firms’ wage. The third row shows the slope of the
average wage gain from a job-to-job move as a function of the origin firm’s wage. The fourth row presents the standard deviation
of wage gains from a job-to-job move by location of the origin firm. We take the average across all the 16 possible job-to-job moves
that originated in each region. All the 64 disaggregated moments are included in Supplemental Appendix Q. The last row shows
the average ratio of profits to labor costs in each location.
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Table S12: Estimated Spatial Frictions; Only Migration Moves

Moving Costs {Ÿ}
(1) Moving cost as share of PDV of income: Ÿ0eŸ1distjx (b/w closest to b/w furthest locations) 8.49% to 8.97%

Preferences {·}
(2) Cost of not living in the home location but in the home region, as share of income: ·l 10.26%

(3) Cost of not living in the home region, as share of income: ·r 12.89%

Relative Search E�ciency {z}
(4) w/i location, away from home location: 1 ≠ zl,1 91.59%

(5) b/w locations (closest to furthest locations)

5.i) not to home region: z0e≠z1distjx 6.23% to 6.03%

5.ii) to home region:
!

z0e≠z1distjx
"

(1 + zr) 7.07% to 6.72%

5.iii) to home location:
!

z0e≠z1distjx
" !

1 + zl,2
"

16.53% to 15.71%

Notes: The table shows the estimated values of the spatial frictions in the “Only Migration Moves” estimation. All parameters
used to compute them, according to the formula included in each row, are in Table S14. Row 1 provides a range of the estimated
moving costs, ranging from costs for moves between the closest two locations to moves between the furthest two locations. Rows
2-3 present the values of the estimated preference parameters. Search e�ciencies in rows 4 and 5 are expressed as a percentage of
the e�ciency within the home location, zj

jj , which is normalized to 1. Rows 5i-5iii show the e�ciencies for searching across
locations outside of the home region, in the home region but not the home location, and in the home location, respectively. The
e�ciencies are again reported as a range for searching between the two closest locations to searching between the two furthest
locations.

Table S14: All Estimated Parameters, Only Migration Moves

(1) ·SW : amenity SW 0.990 (12) ASW : productivity SW 1.034

(2) ·E : amenity East 1.120 (13) AE : productivity East 0.943

(3) ·r: region preference 0.103 (14) ›0,W : vacancy cost West 0.265

(4) ·l: location preference 0.129 (15) ›0,E : vacancy cost East 0.346

(5) Ÿ0: move cost out of location 0.088 (16) ›1: vacancy curvature 1.104

(6) Ÿ1: move cost distance 0.078 (17) ‡: variance of taste shocks 0.057

(7) z0: search out of location 0.067 (18) �: variance p distribution 0.328

(8) z1: search distance -0.071 (19) ‹: search intensity of unemployed 6.691

(9) zl,1: search in home location 0.092 (20) ‘: curvature search cost 6.669

(10) zl,2: search to home location 1.385 (21) ÿ: workers’ outside option 0.977

(11) zr: search to home region 0.114

Notes: The table reports the 21 parameters estimated from our model for the “Only Migration Moves” estimation, estimated
according to the procedure described in Appendix H.
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Table S13: Estimated Spatial Frictions; All Moves

Moving Costs {Ÿ}
(1) Moving cost as share of PDV of income: Ÿ0eŸ1distjx (b/w closest to b/w furthest locations) 0.46% to 1.52%

Preferences {·}
(2) Cost of not living in the home location but in the home region, as share of income: ·l 10.37%

(3) Cost of not living in the home region, as share of income: ·r 13.34%

Relative Search E�ciency {z}
(4) w/i location, away from home location: 1 ≠ zl,1 81.26%

(5) b/w locations (closest to furthest locations)

5.i) not to home region: z0e≠z1distjx 6.68% to 6.03%

5.ii) to home region:
!

z0e≠z1distjx
"

(1 + zr) 9.52% to 8.06%

5.iii) to home location:
!

z0e≠z1distjx
" !

1 + zl,2
"

55.60% to 47.07%

Notes: The table shows the estimated values of the spatial frictions in the “All Moves” estimation. All parameters used to
compute them, according to the formula included in each row, are in Table S15. Row 1 provides a range of the estimated moving
costs, ranging from costs for moves between the closest two locations to moves between the furthest two locations. Rows 2-3
present the values of the estimated preference parameters. Search e�ciencies in rows 4 and 5 are expressed as a percentage of the
e�ciency within the home location, zj

jj , which is normalized to 1. Rows 5i-5iii show the e�ciencies for searching across locations
outside of the home region, in the home region but not the home location, and in the home location, respectively. The e�ciencies
are again reported as a range for searching between the two closest locations to searching between the two furthest locations.

Table S15: All Estimated Parameters, All Moves

(1) ·SW : amenity SW 1.011 (12) ASW : productivity SW 1.020

(2) ·E : amenity East 1.089 (13) AE : productivity East 0.928

(3) ·r: region preference 0.104 (14) ›0,W : vacancy cost West 0.355

(4) ·l: location preference 0.133 (15) ›0,E : vacancy cost East 0.317

(5) Ÿ0: move cost out of location 0.009 (16) ›1: vacancy curvature 0.985

(6) Ÿ1: move cost distance 1.672 (17) ‡: variance of taste shocks 0.037

(7) z0: search out of location 0.079 (18) �: variance p distribution 0.297

(8) z1: search distance -0.232 (19) ‹: search intensity of unemployed 4.733

(9) zl,1: search in home location 0.231 (20) ‘: curvature search cost 8.613

(10) zl,2: search to home location 5.348 (21) ÿ: workers’ outside option 0.986

(11) zr: search to home region 0.338

Notes: The table reports the 21 parameters estimated from our model for the “All Moves” estimation, estimated according to the
procedure described in Appendix H.
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Figure S22: Comparison of the Outcomes of the Three Estimations
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Notes: The figure compares the outcomes of the three estimation alternatives. Each panel shows a di�erent one of the 21
estimated parameters. For each parameter, we show the estimated density for the three estimations. Black is the benchmark
estimation. Red is the “Only Migration Moves” estimation. Blue is the “All Moves” estimation. The vertical lines are our
estimated parameter values. The top row shows the estimation results for ·SW , ·E , ·r, ·l, Ÿ0 and Ÿ1. The second row shows the
results for z0, z1, zl,1, zl,2, zr, and ASW . The third row shows the estimates for AE , ›0,W , ›0,E , ›1, ‡, and �. The last row shows
the estimates for ‹, ‘, and ÿ.
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Q Model Fit, All Details
In this section, we provide a comparison between the empirical targets and the model-simulated
moments for each one of the 305 targeted moments summarized in Table 3 and each one of
the three estimations described in Section P. Each group of moments in a row of Table 3 is
presented in one subsection. The order of the subsections follows the order of the moments in
the table.

Finally, the last subsection includes plots of the draws of the likelihood functions from
our final estimation chain plotted against the parameter estimates. The figure shows that the
likelihoods are mostly, and especially for the core spatial friction parameters, single-peaked and
with the peak corresponding to our estimates.

Q.1 Wage Gains of Job-to-Job Movers

Table S16: Average Log Wage Gains for Job-Job Movers by Birth and Migration Locations –
Benchmark

Move to Location: NW SW NE SE

Birth

Loca-

tion

Current Work

Location Data Model Data Model Data Model Data Model

NW

NW 0.109 0.115 0.282 0.280 0.136 0.165 0.244 0.210

SW 0.195 0.093 0.090 0.082 0.048 0.118 0.108 0.126

NE 0.127 0.118 0.206 0.210 0.051 0.058 0.075 0.136

SE 0.164 0.100 0.219 0.171 0.202 0.095 0.072 0.068

SW

NW 0.100 0.091 0.169 0.074 0.120 0.096 0.134 0.113

SW 0.281 0.311 0.107 0.105 0.280 0.194 0.186 0.213

NE 0.260 0.192 0.139 0.104 0.049 0.059 0.029 0.117

SE 0.152 0.197 0.161 0.080 0.130 0.107 0.085 0.067

NE

NW 0.081 0.084 0.150 0.151 0.031 -0.011 0.101 0.066

SW 0.177 0.175 0.082 0.077 -0.020 0.015 0.097 0.070

NE 0.236 0.309 0.283 0.300 0.057 0.082 0.168 0.199

SE 0.270 0.226 0.276 0.203 0.076 0.045 0.094 0.075

SE

NW 0.085 0.080 0.189 0.134 0.065 0.031 0.044 0.004

SW 0.207 0.183 0.072 0.072 0.052 0.067 0.034 0.019

NE 0.153 0.238 0.176 0.224 0.045 0.060 0.112 0.083

SE 0.325 0.298 0.269 0.260 0.111 0.150 0.091 0.093

Notes: The table shows the average wage gains of job movers by origin location-destination location-home location. Empirical
moments are computed as described in Section G.2.1, using the benchmark definition of moves.
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Table S17: Average Log Wage Gains for Job-Job Movers by Birth and Migration Locations –
Only Migration Moves

Move to Location: NW SW NE SE

Birth

Loca-

tion

Current Work

Location Data Model Data Model Data Model Data Model

NW

NW 0.110 0.117 0.325 0.318 0.160 0.178 0.276 0.238

SW 0.214 0.126 0.090 0.082 0.048 0.135 0.122 0.177

NE 0.173 0.159 0.206 0.255 0.052 0.058 0.218 0.202

SE 0.182 0.141 0.237 0.237 0.074 0.145 0.074 0.069

SW

NW 0.099 0.089 0.182 0.097 0.118 0.107 0.167 0.152

SW 0.357 0.366 0.107 0.108 0.290 0.198 0.270 0.253

NE 0.338 0.270 0.151 0.139 0.052 0.057 0.053 0.195

SE 0.170 0.258 0.145 0.120 0.114 0.141 0.086 0.068

NE

NW 0.080 0.080 0.147 0.173 0.023 -0.009 0.130 0.101

SW 0.185 0.223 0.081 0.074 -0.019 0.014 0.102 0.121

NE 0.327 0.378 0.295 0.342 0.057 0.082 0.355 0.266

SE 0.292 0.275 0.312 0.243 0.070 0.066 0.096 0.073

SE

NW 0.085 0.076 0.203 0.167 0.023 0.058 0.055 0.011

SW 0.211 0.222 0.071 0.070 0.028 0.085 0.039 0.032

NE 0.150 0.288 0.193 0.257 0.046 0.059 0.143 0.107

SE 0.374 0.362 0.384 0.321 0.147 0.195 0.092 0.093

Notes: The table shows the average wage gains of job movers by origin location-destination location-home location. Empirical
moments are computed as described in Section G.2.1, using the "Only Migration Moves” alternative.
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Table S18: Average Log Wage Gains for Job-Job Movers by Birth and Migration Locations –
All Moves

Move to Location: NW SW NE SE

Birth

Loca-

tion

Current Work

Location Data Model Data Model Data Model Data Model

NW

NW 0.109 0.127 0.195 0.189 0.098 0.120 0.141 0.144

SW 0.148 0.095 0.090 0.077 0.077 0.072 0.078 0.073

NE 0.097 0.112 0.030 0.135 0.052 0.048 0.075 0.080

SE 0.100 0.097 0.145 0.102 0.094 0.047 0.074 0.057

SW

NW 0.099 0.080 0.092 0.046 0.070 0.044 0.066 0.044

SW 0.231 0.229 0.107 0.120 0.161 0.161 0.121 0.149

NE 0.133 0.126 0.093 0.079 0.052 0.043 0.009 0.055

SE 0.116 0.141 0.102 0.073 0.087 0.066 0.086 0.057

NE

NW 0.080 0.091 0.094 0.105 0.049 0.016 0.082 0.050

SW 0.147 0.132 0.081 0.085 0.031 0.041 0.126 0.058

NE 0.181 0.213 0.170 0.208 0.057 0.097 0.140 0.140

SE 0.195 0.161 0.172 0.139 0.048 0.055 0.096 0.079

SE

NW 0.085 0.085 0.108 0.084 0.048 0.021 0.055 0.021

SW 0.176 0.144 0.071 0.082 0.059 0.062 0.035 0.046

NE 0.116 0.170 0.070 0.149 0.046 0.064 0.059 0.080

SE 0.233 0.210 0.218 0.174 0.095 0.112 0.092 0.107

Notes: The table shows the average wage gains of job movers by origin location-destination location-home location. Empirical
moments are computed as described in Section G.2.1, using the “All Moves” alternative.

45



Q.2 Flows of Job-to-Job Movers

Table S19: Job-to-Job Migration Flows Between Locations by Birth Location – Benchmark

Move to Location: NW SW NE SE

Birth

Loca-

tion

Work

Loca-

tion Data Model Data Model Data Model Data Model

NW

NW 0.977% 1.172% 0.020% 0.006% 0.004% 0.003% 0.002% 0.004%

SW 0.208% 0.208% 1.094% 1.173% 0.006% 0.008% 0.009% 0.017%

NE 0.194% 0.346% 0.030% 0.032% 0.948% 1.039% 0.028% 0.038%

SE 0.133% 0.305% 0.068% 0.041% 0.041% 0.025% 1.057% 0.952%

SW

NW 0.983% 1.047% 0.215% 0.153% 0.007% 0.008% 0.007% 0.012%

SW 0.025% 0.011% 1.244% 1.324% 0.001% 0.002% 0.006% 0.007%

NE 0.084% 0.056% 0.133% 0.273% 0.881% 1.041% 0.074% 0.044%

SE 0.033% 0.041% 0.159% 0.311% 0.027% 0.022% 1.111% 0.958%

NE

NW 1.054% 1.094% 0.032% 0.018% 0.077% 0.120% 0.011% 0.021%

SW 0.073% 0.028% 1.247% 1.228% 0.069% 0.115% 0.029% 0.031%

NE 0.043% 0.023% 0.010% 0.013% 0.911% 1.190% 0.031% 0.026%

SE 0.038% 0.031% 0.047% 0.030% 0.124% 0.202% 1.006% 0.981%

SE

NW 1.031% 1.100% 0.089% 0.020% 0.019% 0.018% 0.094% 0.145%

SW 0.043% 0.026% 1.179% 1.238% 0.010% 0.015% 0.117% 0.188%

NE 0.031% 0.037% 0.030% 0.025% 0.608% 1.067% 0.138% 0.272%

SE 0.011% 0.017% 0.033% 0.018% 0.020% 0.016% 1.080% 1.103%

Notes: The table presents the share of employed workers that make a job-to-job move for each triplet of home location, current
location, and destination location in an average month. Empirical moments are computed as described in Section G.2.2, using the
benchmark definition of moves.
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Table S20: Job-to-Job Migration Flows Between Locations by Birth Location – Only Migration
Moves

Move to Location: NW SW NE SE

Birth

Loca-

tion

Work

Loca-

tion Data Model Data Model Data Model Data Model

NW

NW 0.977% 1.109% 0.014% 0.004% 0.002% 0.001% 0.001% 0.002%

SW 0.182% 0.147% 1.093% 1.128% 0.006% 0.007% 0.007% 0.010%

NE 0.106% 0.219% 0.029% 0.032% 0.947% 1.025% 0.008% 0.019%

SE 0.113% 0.190% 0.051% 0.027% 0.016% 0.012% 1.056% 0.961%

SW

NW 0.983% 1.014% 0.191% 0.115% 0.006% 0.006% 0.006% 0.008%

SW 0.014% 0.007% 1.244% 1.242% 0.001% 0.002% 0.002% 0.003%

NE 0.060% 0.039% 0.127% 0.205% 0.879% 1.028% 0.024% 0.020%

SE 0.024% 0.031% 0.085% 0.183% 0.010% 0.012% 1.110% 0.964%

NE

NW 1.052% 1.053% 0.029% 0.017% 0.065% 0.089% 0.009% 0.017%

SW 0.065% 0.022% 1.247% 1.173% 0.069% 0.099% 0.027% 0.021%

NE 0.017% 0.011% 0.009% 0.009% 0.911% 1.147% 0.005% 0.010%

SE 0.034% 0.022% 0.035% 0.021% 0.062% 0.108% 1.002% 0.982%

SE

NW 1.030% 1.057% 0.077% 0.017% 0.015% 0.013% 0.084% 0.107%

SW 0.036% 0.021% 1.178% 1.178% 0.009% 0.015% 0.093% 0.124%

NE 0.019% 0.027% 0.024% 0.024% 0.604% 1.045% 0.061% 0.152%

SE 0.007% 0.008% 0.015% 0.007% 0.004% 0.005% 1.080% 1.084%

Notes: The table presents the share of employed workers that make a job-to-job move for each triplet of home location, current
location, and destination location in an average month. Empirical moments are computed as described in Section G.2.2, using the
“Only Migration Moves” alternative.
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Table S21: Job-to-Job Migration Flows Between Locations by Birth Location – All Moves

Move to Location: NW SW NE SE

Birth

Loca-

tion

Work

Loca-

tion Data Model Data Model Data Model Data Model

NW

NW 0.977% 1.321% 0.047% 0.042% 0.009% 0.014% 0.004% 0.016%

SW 0.671% 0.802% 1.097% 1.225% 0.024% 0.022% 0.026% 0.033%

NE 0.543% 1.252% 0.098% 0.117% 0.953% 0.939% 0.057% 0.063%

SE 0.485% 1.147% 0.176% 0.129% 0.102% 0.049% 1.064% 0.899%

SW

NW 0.989% 1.119% 0.879% 0.723% 0.024% 0.021% 0.024% 0.029%

SW 0.056% 0.051% 1.244% 1.458% 0.004% 0.011% 0.011% 0.022%

NE 0.215% 0.148% 0.591% 1.164% 0.892% 0.933% 0.161% 0.072%

SE 0.091% 0.120% 0.465% 1.187% 0.052% 0.042% 1.117% 0.906%

NE

NW 1.056% 1.160% 0.087% 0.051% 0.384% 0.375% 0.035% 0.048%

SW 0.197% 0.065% 1.251% 1.262% 0.329% 0.371% 0.093% 0.059%

NE 0.076% 0.077% 0.033% 0.061% 0.911% 1.147% 0.041% 0.072%

SE 0.103% 0.083% 0.129% 0.083% 0.659% 0.606% 1.009% 0.904%

SE

NW 1.035% 1.175% 0.240% 0.057% 0.070% 0.043% 0.456% 0.452%

SW 0.104% 0.061% 1.181% 1.290% 0.031% 0.039% 0.495% 0.513%

NE 0.083% 0.093% 0.100% 0.081% 0.610% 0.952% 0.612% 0.778%

SE 0.028% 0.064% 0.066% 0.068% 0.028% 0.052% 1.080% 1.099%

Notes: The table presents the share of employed workers that make a job-to-job move for each triplet of home location, current
location, and destination location in an average month. Empirical moments are computed as described in Section G.2.2, using the
“All Moves” alternative.

48



Q.3 Employment Share

Table S22: Share of Employed Workers by Residence Location – Benchmark

Share Residing in Current Location

Birth

Location

Current

Location Data Model

NW

NW 92.7% 94.1%

SW 4.4% 3.6%

NE 2.0% 0.9%

SE 0.8% 1.4%

SW

NW 4.3% 7.3%

SW 92.5% 89.6%

NE 0.8% 0.9%

SE 2.3% 2.2%

NE

NW 7.6% 15.9%

SW 4.3% 10.5%

NE 84.7% 64.2%

SE 3.4% 9.4%

SE

NW 3.0% 12.2%

SW 6.7% 10.0%

NE 2.5% 5.4%

SE 87.7% 72.4%

Notes: The table shows the fraction of employed workers of the home location indicated in column 1 that live in the location
indicated in column 2. Empirical moments are computed as described in Section G.2.3.

49



Table S23: Share of Employed Workers by Residence Location – Only Migration Moves

Share Residing in Current Location

Birth

Location

Current

Location Data Model

NW

NW 92.7% 95.2%

SW 4.4% 3.2%

NE 2.0% 0.6%

SE 0.8% 1.0%

SW

NW 4.3% 6.1%

SW 92.5% 91.6%

NE 0.8% 0.9%

SE 2.3% 1.5%

NE

NW 7.6% 11.9%

SW 4.3% 9.3%

NE 84.7% 71.2%

SE 3.4% 7.6%

SE

NW 3.0% 8.3%

SW 6.7% 6.8%

NE 2.5% 3.5%

SE 87.7% 81.4%

Notes: The table shows the fraction of employed workers of the home location indicated in column 1 that live in the location
indicated in column 2. Empirical moments are computed as described in Section G.2.3.

50



Table S24: Share of Employed Workers by Working Location – All Moves

Share Working in Current Location

Birth

Location

Current

Location Data Model

NW

NW 92.0% 90.6%

SW 5.6% 6.4%

NE 1.6% 1.3%

SE 0.8% 1.7%

SW

NW 6.1% 7.8%

SW 90.9% 89.1%

NE 0.8% 1.1%

SE 2.2% 2.0%

NE

NW 12.8% 16.4%

SW 5.8% 13.7%

NE 77.1% 61.2%

SE 4.4% 8.8%

SE

NW 4.2% 13.2%

SW 9.3% 12.7%

NE 9.3% 5.9%

SE 77.3% 68.2%

Notes: The table shows the fraction of employed workers of the home location indicated in column 1 that work in the location
indicated in column 2. Empirical moments are computed as described in Section G.2.3.
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Q.4 Unemployment Share

Table S25: Share of Unemployed Workers by Residence Location – Benchmark

Share Residing in Current Location

Birth

Location

Current

Location

Data Model

NW

NW 90.9% 92.7%

SW 4.5% 3.6%

NE 3.3% 1.5%

SE 1.3% 2.1%

SW

NW 4.7% 6.9%

SW 90.2% 88.3%

NE 1.5% 1.6%

SE 3.6% 3.2%

NE

NW 4.9% 10.0%

SW 2.9% 6.9%

NE 89.5% 73.8%

SE 2.7% 9.3%

SE

NW 2.4% 8.0%

SW 4.8% 6.7%

NE 2.9% 6.2%

SE 90.0% 79.1%

Notes: The table shows the fraction of unemployed workers of the home location indicated in column 1 that live in the location
indicated in column 2. Empirical moments are computed as described in Section G.2.4.

52



Table S26: Share of Unemployed Workers by Residence Location – Only Migration Moves

Share Residing in Current Location

Birth

Location

Current

Location

Data Model

NW

NW 90.9% 94.1%

SW 4.5% 3.2%

NE 3.3% 1.1%

SE 1.3% 1.6%

SW

NW 4.7% 5.9%

SW 90.2% 90.4%

NE 1.5% 1.5%

SE 3.6% 2.2%

NE

NW 4.9% 7.4%

SW 2.9% 6.0%

NE 89.5% 79.1%

SE 2.7% 7.6%

SE

NW 2.4% 5.5%

SW 4.8% 4.6%

NE 2.9% 4.1%

SE 90.0% 85.9%

Notes: The table shows the fraction of unemployed workers of the home location indicated in column 1 that live in the location
indicated in column 2. Empirical moments are computed as described in Section G.2.4.
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Table S27: Share of Unemployed Workers by Location of Last Job – All Moves

Share with Last Job in Current Location

Birth

Location

Current Location Data Model

NW

NW 89.1% 90.1%

SW 6.5% 5.8%

NE 3.1% 1.9%

SE 1.4% 2.2%

SW

NW 7.4% 6.4%

SW 87.5% 89.5%

NE 1.5% 1.6%

SE 3.6% 2.5%

NE

NW 10.6% 9.4%

SW 5.5% 8.4%

NE 78.8% 74.2%

SE 5.2% 8.0%

SE

NW 4.2% 7.9%

SW 9.2% 8.0%

NE 4.2% 6.2%

SE 82.4% 77.9%

Notes: The table shows the fraction of unemployed workers of the home location indicated in column 1 whose last job was in the
location indicated in column 2. Empirical moments are computed as described in Section G.2.4.
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Q.5 Firm Component of Wages by Location and Worker Type

Table S28: Firm Fixed E�ects by the Birth and Residence Location of Workers – Benchmark

Birth Location Current Live Location Data Model

NW

SW -0.064 -0.039

NE -0.141 -0.173

SE -0.139 -0.119

SW

NW -0.036 0.004

SW -0.046 -0.047

NE -0.193 -0.174

SE -0.165 -0.122

NE

NW -0.090 -0.013

SW -0.104 -0.059

NE -0.198 -0.189

SE -0.119 -0.136

SE

NW -0.056 -0.014

SW -0.090 -0.062

NE -0.171 -0.188

SE -0.169 -0.140

Notes: The table shows the estimated coe�cients —hl in specification (48) in Section G.2.5 for workers with home location h
indicated in column 1 and residence location l indicated in column 2. Each of the coe�cients is relative to the coe�cient of
workers born in the Northwest and living in the Northwest.
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Table S29: Firm Fixed E�ects by the Birth and Current Residence Location of Workers – Only
Migration Moves

Birth Location Current Live Location Data Model

NW

SW -0.064 -0.040

NE -0.141 -0.183

SE -0.139 -0.126

SW

NW -0.036 0.002

SW -0.046 -0.045

NE -0.193 -0.185

SE -0.165 -0.128

NE

NW -0.090 -0.015

SW -0.104 -0.060

NE -0.198 -0.197

SE -0.119 -0.140

SE

NW -0.056 -0.017

SW -0.090 -0.062

NE -0.171 -0.196

SE -0.169 -0.144

Notes: The table shows the estimated coe�cients —hl in specification (48) in Section G.2.5 for workers with home location h
indicated in column 1 and residence location l indicated in column 2. Each of the coe�cients is relative to the coe�cient of
workers born in the Northwest and living in the Northwest.
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Table S30: Firm Fixed E�ects by the Birth and Current Work Location of Workers – All Moves

Birth Location Current Work Location Data Model

NW

SW -0.060 -0.054

NE -0.210 -0.196

SE -0.147 -0.153

SW

NW -0.038 -0.011

SW -0.046 -0.043

NE -0.213 -0.190

SE -0.187 -0.156

NE

NW -0.070 -0.030

SW -0.113 -0.069

NE -0.211 -0.195

SE -0.163 -0.162

SE

NW -0.062 -0.034

SW -0.088 -0.078

NE -0.163 -0.208

SE -0.177 -0.153

Notes: The table shows the estimated coe�cients —hl in specification (48) in Section G.2.5 for workers with home location h
indicated in column 1 and work location l indicated in column 2. Each of the coe�cients is relative to the coe�cient of workers
born in the Northwest and working in the Northwest.

Q.6 Firm Component of Wages by Firm Location

Table S31: Firm Fixed E�ect by Location – Benchmark

(1) (2)

Location Data Model

NW 0 0

SW 0.001 -0.046

NE -0.166 -0.187

SE -0.141 -0.136

Notes: The table presents the estimated coe�cients —l from specification (49) in Section G.2.6 for firm location l indicated in
column 1, where NW is the omitted category.
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Table S32: Firm Fixed E�ect by Location – Migration Moves

(1) (2)

Location Data Model

NW 0 0

SW 0.001 -0.045

NE -0.166 -0.195

SE -0.141 -0.141

Notes: The table presents the estimated coe�cients —l from specification (49) in Section G.2.6 for firm location l indicated in
column 1, where NW is the omitted category.

Table S33: Firm Fixed E�ect by Location – All Moves

(1) (2)

Location Data Model

NW 0 0

SW 0.001 -0.042

NE -0.166 -0.192

SE -0.141 -0.151

Notes: The table presents the estimated coe�cients —l from specification (49) in Section G.2.6 for firm location l indicated in
column 1, where NW is the omitted category.

Q.7 GDP per Capita

Table S34: GDP per capita by Location – Benchmark

Avg. GDP pc, normalized to 1

Location Data Model

NW 1 1

SW 1.093 0.971

NE 0.733 0.806

SE 0.769 0.828

Notes: The table shows the GDPpc of each location. The empirical moments are computed as described in Section G.2.7. We
obtain nominal GDPpc from the National Accounts of the States (Volkswirtschaftliche Gesamtrechnungen der Länder, VGRdL),
and construct price deflators from the inflation rates reported in the VGRdL and from the price levels obtained from the survey of
the Federal Institute for Building, Urban A�airs and Spatial Development (BBSR).
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Table S35: GDP per capita by Location – Only Migration Moves

Avg. GDP pc, normalized to 1

Location Data Model

NW 1 1

SW 1.093 0.977

NE 0.733 0.809

SE 0.769 0.829

Notes: The table shows the GDPpc of each location. The empirical moments are computed as described in Section G.2.7. We
obtain nominal GDPpc from the National Accounts of the States (Volkswirtschaftliche Gesamtrechnungen der Länder, VGRdL),
and construct price deflators from the inflation rates reported in the VGRdL and from the price levels obtained from the survey of
the Federal Institute for Building, Urban A�airs and Spatial Development (BBSR).

Table S36: GDP per capita by Location – All Moves

Avg. GDP pc, normalized to 1

Location Data Model

NW 1 1

SW 1.093 0.967

NE 0.733 0.796

SE 0.769 0.817

Notes: The table shows the GDPpc of each location. The empirical moments are computed as described in Section G.2.7. We
obtain nominal GDPpc from the National Accounts of the States (Volkswirtschaftliche Gesamtrechnungen der Länder, VGRdL),
and construct price deflators from the inflation rates reported in the VGRdL and from the price levels obtained from the survey of
the Federal Institute for Building, Urban A�airs and Spatial Development (BBSR).

Q.8 Unemployment Rate

Table S37: Share of Unemployed Workers by Location – Benchmark

Unemployment Share

Location Data Model

NW 8.82% 7.05%

SW 5.35% 7.25%

NE 12.58% 12.40%

SE 11.16% 11.31%

Note: The table shows the average unemployment rate in each location. The empirical moments are computed as described in
Section G.2.8 from the o�cial unemployment statistics of the German Federal Employment Agency.
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Table S38: Share of Unemployed Workers by Location – Only Migration Moves

Unemployment Share

Location Data Model

NW 8.82% 7.23%

SW 5.35% 7.45%

NE 12.58% 12.59%

SE 11.16% 11.46%

Note: The table shows the average unemployment rate in each location. The empirical moments are computed as described in
Section G.2.8 from the o�cial unemployment statistics of the German Federal Employment Agency.

Table S39: Share of Unemployed Workers by Location – All Moves

Unemployment Share

Location Data Model

NW 8.82% 6.60%

SW 5.35% 6.95%

NE 12.58% 12.57%

SE 11.16% 11.20%

Note: The table shows the average unemployment rate in each location. The empirical moments are computed as described in
Section G.2.8 from the o�cial unemployment statistics of the German Federal Employment Agency.

Q.9 Labor Share for Each Decile of Firm Size Distribution

Table S40: Share of Workers by Firm Size Decile and Location – Benchmark

NW SW NE SE

Decile Data Model Data Model Data Model Data Model

1 0.009 0.004 0.008 0.005 0.010 0.007 0.009 0.006

2 0.013 0.012 0.013 0.014 0.015 0.018 0.015 0.016

3 0.017 0.017 0.016 0.020 0.019 0.027 0.019 0.024

4 0.022 0.022 0.021 0.025 0.024 0.035 0.024 0.031

5 0.029 0.027 0.028 0.031 0.034 0.042 0.033 0.038

6 0.038 0.033 0.036 0.037 0.043 0.051 0.042 0.046

7 0.052 0.048 0.050 0.051 0.058 0.067 0.057 0.063

8 0.074 0.078 0.071 0.082 0.083 0.103 0.081 0.099

9 0.124 0.150 0.119 0.154 0.136 0.176 0.135 0.174

10 0.622 0.609 0.636 0.580 0.578 0.473 0.584 0.503

Notes: Each column of the table shows the share of the location’s workers employed at firms in the decile of the location’s firm size
distribution indicated in column 1. The empirical moments are computed as described in Section G.2.9.
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Table S41: Share of Workers by Firm Size Decile and Location – Only Migration Moves

NW SW NE SE

Decile Data Model Data Model Data Model Data Model

1 0.009 0.004 0.008 0.005 0.010 0.007 0.009 0.006

2 0.013 0.012 0.013 0.014 0.015 0.019 0.015 0.017

3 0.017 0.018 0.016 0.021 0.019 0.028 0.019 0.026

4 0.022 0.024 0.021 0.028 0.024 0.037 0.024 0.033

5 0.029 0.030 0.028 0.034 0.034 0.046 0.033 0.041

6 0.038 0.037 0.036 0.041 0.043 0.055 0.042 0.050

7 0.052 0.050 0.050 0.054 0.058 0.069 0.057 0.065

8 0.074 0.081 0.071 0.085 0.083 0.103 0.081 0.100

9 0.124 0.153 0.119 0.157 0.136 0.175 0.135 0.173

10 0.622 0.590 0.636 0.561 0.578 0.461 0.584 0.488

Notes: Each column of the table shows the share of the location’s workers employed at firms in the decile of the location’s firm size
distribution indicated in column 1. The empirical moments are computed as described in Section G.2.9.

Table S42: Share of Workers by Firm Size Decile and Location – All Moves

NW SW NE SE

Decile Data Model Data Model Data Model Data Model

1 0.009 0.004 0.008 0.005 0.010 0.006 0.009 0.006

2 0.013 0.010 0.013 0.012 0.015 0.017 0.015 0.015

3 0.017 0.015 0.016 0.017 0.019 0.024 0.019 0.022

4 0.022 0.019 0.021 0.022 0.024 0.030 0.024 0.028

5 0.029 0.023 0.028 0.026 0.034 0.037 0.033 0.033

6 0.038 0.029 0.036 0.031 0.043 0.045 0.042 0.041

7 0.052 0.042 0.050 0.045 0.058 0.063 0.057 0.060

8 0.074 0.068 0.071 0.072 0.083 0.098 0.081 0.094

9 0.124 0.133 0.119 0.138 0.136 0.172 0.135 0.168

10 0.622 0.657 0.636 0.632 0.578 0.507 0.584 0.534

Notes: Each column of the table shows the share of the location’s workers employed at firms in the decile of the location’s firm size
distribution indicated in column 1. The empirical moments are computed as described in Section G.2.9.
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Q.10 Relationship between Firm Wage and Firm Size

Table S43: Log Wage on Log Firm Size by Location – Benchmark

Location Data Model

NW 0.124 0.126

SW 0.124 0.161

NE 0.110 0.135

SE 0.109 0.140

Notes: The table presents the coe�cients from a regression of log firm wage on log firm size, where the empirical moments are
constructed as described in Section G.2.10.

Table S44: Log Wage on Log Firm Size by Location – Only Migration Moves

Location Data Model

NW 0.124 0.128

SW 0.124 0.173

NE 0.110 0.139

SE 0.109 0.146

Notes: The table presents the coe�cients from a regression of log firm wage on log firm size, where the empirical moments are
constructed as described in Section G.2.10.

Table S45: Log Wage on Log Firm Size by Location – All Moves

Location Data Model

NW 0.124 0.134

SW 0.124 0.167

NE 0.110 0.146

SE 0.109 0.149

Notes: The table presents the coe�cients from a regression of log firm wage on log firm size, where the empirical moments are
constructed as described in Section G.2.10.

Q.11 Wage Gains of Job-to-Job Movers by Origin Firm Wage

Table S46: Log Wage Gain of Movers by Initial Wage – Benchmark

Location Data Model

NW -0.549 -0.805

SW -0.577 -0.827

NE -0.562 -0.889

SE -0.561 -0.870

Notes: The table presents the coe�cients from a regression of the log average wage gain of job-to-job movers on the log average
wage of the firm of origin, where the empirical moments are constructed as described in Section G.2.11.
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Table S47: Log Wage Gain of Movers by Initial Wage – Migration Moves

Location Data Model

NW -0.549 -0.832

SW -0.577 -0.851

NE -0.562 -0.910

SE -0.561 -0.893

Notes: The table presents the coe�cients from a regression of the log average wage gain of job-to-job movers on the log average
wage of the firm of origin, where the empirical moments are constructed as described in Section G.2.11.

Table S48: Log Wage Gain of Movers by Initial Wage – All Moves

Location Data Model

NW -0.549 -0.739

SW -0.577 -0.759

NE -0.562 -0.838

SE -0.561 -0.821

Notes: The table presents the coe�cients from a regression of the log average wage gain of job-to-job movers on the log average
wage of the firm of origin, where the empirical moments are constructed as described in Section G.2.11.

Q.12 Separation Rate by Initial Wage

Table S49: Avg. Separation Rates of Workers by Initial Wage – Benchmark

Location Data Model

NW -0.029 -0.024

SW -0.033 -0.024

NE -0.037 -0.019

SE -0.036 -0.020

Notes: The table presents the coe�cients from a regression of a dummy for separations to another job, unemployment, or
permanent non-employment on the log average wage of the firm of origin, where the empirical moments are constructed as
described in Section G.2.12.

Table S50: Avg. Separation Rates of Workers by Initial Wage – Only Migration Moves

Location Data Model

NW -0.029 -0.018

SW -0.033 -0.018

NE -0.037 -0.015

SE -0.036 -0.015

Notes: The table presents the coe�cients from a regression of a dummy for separations to another job, unemployment, or
permanent non-employment on the log average wage of the firm of origin, where the empirical moments are constructed as
described in Section G.2.12.
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Table S51: Avg. Separation Rates of Workers by Initial Wage – All Moves

Location Data Model

NW -0.029 -0.032

SW -0.033 -0.032

NE -0.037 -0.024

SE -0.036 -0.025

Notes: The table presents the coe�cients from a regression of a dummy for separations to another job, unemployment, or
permanent non-employment on the log average wage of the firm of origin, where the empirical moments are constructed as
described in Section G.2.12.

Q.13 Standard Deviation of Wage Gains

Table S52: Standard Deviation of the Residual Wage Gains for Job Movers – Benchmark

Move to Location: NW SW NE SE

Birth

Location

Work

Location Data Model Data Model Data Model Data Model

NW

NW 0.564 0.386 0.763 0.393 0.640 0.377 0.772 0.375

SW 0.656 0.402 0.546 0.412 0.655 0.391 0.546 0.389

NE 0.545 0.392 0.671 0.389 0.442 0.368 0.486 0.368

SE 0.562 0.389 0.435 0.391 0.589 0.369 0.435 0.371

SW

NW 0.558 0.395 0.660 0.400 0.652 0.385 0.644 0.383

SW 0.743 0.389 0.543 0.404 0.948 0.383 0.734 0.382

NE 0.834 0.385 0.682 0.396 0.413 0.368 0.463 0.369

SE 0.625 0.382 0.589 0.395 0.392 0.369 0.437 0.372

NE

NW 0.445 0.403 0.587 0.409 0.522 0.385 0.584 0.387

SW 0.573 0.407 0.457 0.419 0.473 0.392 0.520 0.394

NE 0.651 0.375 0.752 0.384 0.455 0.362 0.684 0.361

SE 0.695 0.384 0.503 0.393 0.525 0.368 0.472 0.372

SE

NW 0.477 0.405 0.613 0.412 0.485 0.390 0.499 0.387

SW 0.661 0.409 0.470 0.421 0.691 0.396 0.530 0.396

NE 0.640 0.385 0.628 0.393 0.424 0.370 0.578 0.371

SE 0.729 0.378 0.645 0.389 0.526 0.365 0.471 0.366

Notes: The table shows the standard deviation of the wage gains of job-to-job movers for workers of a given home location
(column 1) and current work location (column 2) that move jobs to a given destination location (top row). The empirical moments
are constructed as described in Section G.2.13.
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Table S53: Standard Deviation of the Residual Wage Gains for Job Movers – Only Migration
Moves

Move to Location: NW SW NE SE

Birth

Location

Work

Location Data Model Data Model Data Model Data Model

NW

NW 0.564 0.432 0.818 0.440 0.694 0.422 0.815 0.421

SW 0.669 0.447 0.546 0.460 0.662 0.436 0.583 0.436

NE 0.605 0.430 0.670 0.431 0.442 0.408 0.633 0.407

SE 0.594 0.429 0.468 0.434 0.521 0.411 0.435 0.414

SW

NW 0.558 0.444 0.673 0.447 0.686 0.430 0.674 0.430

SW 0.821 0.434 0.543 0.451 0.968 0.428 0.864 0.428

NE 0.944 0.423 0.697 0.437 0.413 0.408 0.440 0.408

SE 0.694 0.424 0.634 0.437 0.425 0.411 0.437 0.415

NE

NW 0.445 0.451 0.562 0.458 0.522 0.429 0.631 0.434

SW 0.592 0.454 0.457 0.468 0.474 0.437 0.534 0.440

NE 0.784 0.415 0.765 0.427 0.455 0.401 1.011 0.401

SE 0.737 0.427 0.550 0.438 0.596 0.408 0.472 0.415

SE

NW 0.477 0.453 0.633 0.460 0.482 0.435 0.503 0.432

SW 0.671 0.456 0.470 0.469 0.691 0.441 0.546 0.441

NE 0.704 0.426 0.678 0.436 0.424 0.409 0.689 0.411

SE 0.779 0.420 0.769 0.433 0.670 0.406 0.471 0.408

Notes: The table shows the standard deviation of the wage gains of job-to-job movers for workers of a given home location
(column 1) and current work location (column 2) that move jobs to a given destination location (top row). The empirical moments
are constructed as described in Section G.2.13.
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Table S54: Standard Deviation of the Residual Wage Gains for Job Movers – All Moves

Move to Location: NW SW NE SE

Birth

Location

Work

Location Data Model Data Model Data Model Data Model

NW

NW 0.564 0.387 0.697 0.404 0.576 0.385 0.678 0.386

SW 0.596 0.409 0.546 0.425 0.613 0.405 0.486 0.405

NE 0.529 0.404 0.546 0.408 0.442 0.383 0.479 0.385

SE 0.562 0.402 0.536 0.409 0.541 0.384 0.435 0.386

SW

NW 0.557 0.414 0.555 0.409 0.499 0.402 0.591 0.402

SW 0.688 0.404 0.543 0.401 0.749 0.391 0.621 0.392

NE 0.653 0.407 0.675 0.408 0.413 0.383 0.411 0.387

SE 0.548 0.405 0.529 0.407 0.484 0.384 0.437 0.387

NE

NW 0.445 0.416 0.510 0.419 0.515 0.390 0.577 0.398

SW 0.549 0.420 0.457 0.426 0.514 0.395 0.517 0.403

NE 0.591 0.391 0.632 0.395 0.455 0.363 0.643 0.370

SE 0.624 0.401 0.490 0.405 0.493 0.373 0.472 0.381

SE

NW 0.477 0.419 0.511 0.424 0.459 0.401 0.530 0.393

SW 0.562 0.423 0.470 0.431 0.563 0.405 0.509 0.399

NE 0.514 0.405 0.509 0.408 0.424 0.380 0.519 0.378

SE 0.634 0.392 0.609 0.398 0.507 0.371 0.471 0.365

Notes: The table shows the standard deviation of the wage gains of job-to-job movers for workers of a given home location
(column 1) and current work location (column 2) that move jobs to a given destination location (top row). The empirical moments
are constructed as described in Section G.2.13.

Q.14 Profit Shares of Labor Costs

Table S55: Average Ratio of Firm Profits to Labor Costs by Location – Benchmark

Average Profit Share

Location Data Model

NW 0.274 0.285

SW 0.259 0.303

NE 0.299 0.360

SE 0.263 0.342

Notes: The table presents the average ratio of firm profits to total labor costs for firms in the location indicated in the first
column. The empirical moments are constructed as described in Section G.2.14.
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Table S56: Average Ratio of Firm Profits to Labor Costs by Location – Only Migration Moves

Average Profit Share

Location Data Model

NW 0.274 0.325

SW 0.259 0.345

NE 0.299 0.407

SE 0.263 0.387

Notes: The table presents the average ratio of firm profits to total labor costs for firms in the location indicated in the first
column. The empirical moments are constructed as described in Section G.2.14.

Table S57: Average Ratio of Firm Profits to Labor Costs by Location – All Moves

Average Profit Share

Location Data Model

NW 0.274 0.251

SW 0.259 0.265

NE 0.299 0.328

SE 0.263 0.313

Notes: The table presents the average ratio of firm profits to total labor costs for firms in the location indicated in the first
column. The empirical moments are constructed as described in Section G.2.14.

Q.15 Likelihood Functions around Estimated Parameters

Figure S23: Likelihood Plots; Benchmark

Notes: The table presents on the y-axis the draws of the best 10,000 values of the likelihood functions along the final estimation
chain. On the x-axis, values of each one of the 21 primitive parameters are reported. We highlight with a red dotted line the
estimated values for each parameter. If the model is locally tightly identified, we would expect the likelihood to be single peaked
with the minimum at the estimated parameter values. This figure builds confidence that our model is, in fact, quite well-identified,
especially for the key parameter modulating the spatial frictions.
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Figure S24: Likelihood Plots; Only Migration Moves

Notes: The table presents on the y-axis the draws of the best 10,000 values of the likelihood functions along the final estimation
chain, for the “Only Migration Moves” estimation. On the x-axis, values of each one of the 21 primitive parameters are reported.
We highlight with a red dotted line the estimated values for each parameter. If the model is locally tightly identified, we would
expect the likelihood to be single peaked with the minimum at the estimated parameter values. This figure builds confidence that
our model is, in fact, quite well-identified, especially for the key parameter modulating the spatial frictions.

Figure S25: Likelihood Plots; All Moves

Notes: The table presents on the y-axis the draws of the best 10,000 values of the likelihood functions along the final estimation
chain, for the “All Moves” estimation. On the x-axis, values of each one of the 21 primitive parameters are reported. We highlight
with a red dotted line the estimated values for each parameter. If the model is locally tightly identified, we would expect the
likelihood to be single peaked with the minimum at the estimated parameter values. This figure builds confidence that our model
is, in fact, quite well-identified, especially for the key parameter modulating the spatial frictions.
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R The Importance of Family Ties
In this section, we further explore one potential source of home preferences. We exploit the
fact that the German Socioeconomic Panel (SOEP) records when individuals have a child to
examine the role of a child birth on workers’ mobility. We perform this analysis on the “Old
SOEP Sample”. As described in the SOEP Appendix C, this sample consists of individuals
first in the SOEP in 1984, which covered only West German individuals, and individuals in
the SOEP first drawn in a wave in 1990, which covered only East German individuals.55 The
birth region of these individuals is thus known with certainty. For individuals drawn from these
waves, we consider the sub-sample of full-time workers that are employed at time t in their
non-native region and run, for the period from 1993-2016,

Migrit = – +
3ÿ

·=≠3
—·D· + ‘it, (63)

where Migrit is a dummy that is equal to one if worker i moves back to her home region at time
t, and D· are dummies around a child birth event (at · = 0). Figure S26a shows the estimated
coe�cients for East-to-West return moves of West-born workers, while Figure S26b presents the
coe�cients for West-to-East return moves of East-born workers.

We find a significant spike of return moves one year after the birth of a child, thus suggesting
that young parents might be more willing to move back home, possibly to benefit from childcare
support from their own parents. The finding suggests that familial ties may be important in
explaining workers’ attachment to their home region.

55The “New SOEP Sample” only has an extremely small number of child births, which does not allow us to
run this regression in that sample.
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Figure S26: Child Birth Event Study

(a) West to East Return Move Probability
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(b) East to West Return Move Probability
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Source: SOEP and authors’ calculations. Notes: We plot the point estimates from specification (63). The left panel shows the
probability, around the event of the birth of a child, that an East-born worker that has previously migrated to the West returns
back to the East. The right panel shows the same for a West-born worker. The dotted lines represent the 95% confidence intervals.
We notice that both East- and West-born individuals are more likely to return back to their birth region right after the birth of a
child.
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